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ABSTRACT 

Overtourism is a term that has been widely promoted over the last years to refer to the 

phenomenon of an excessive number of tourists overwhelming a des:na:on's capacity and 

resources, resul:ng in nega:ve impacts on the environment, infrastructure, local communi-

:es, and visitor experiences. Peer-to-peer (P2P) accommoda:on has grown exponen:ally 

over the past few years, revolu:onizing the hospitality industry and revolu:onizing the way 

people travel.  The rela:onship between P2P accommoda:on and overtourism is a complex 

phenomenon influenced by various factors such as the increased availability of short-term 

rentals and their impact. This thesis explores this rela:onship using Airbnb as the reference 

P2P accommoda:on plaYorm. It also covers the factors that drive tourists to use P2P ac-

commoda:on plaYorms and if these factors can lead to an increase in overtourism in Eu-

ropean ci:es. 

The analysis was organized around two data sets, one related to the characteris:cs of P2P 

accommoda:on lis:ngs and the tourist density of bednights, and the other related to the 

characteris:cs of P2P accommoda:on lis:ngs and the tourist density of arrivals. In total, 

data regarding the Airbnb lis:ngs from 29 Europe ci:es was gathered for this study. The 

variables used to measure P2P accommoda:on were the price, loca:on, variety, and per-

ceived authen:city of lis:ngs. Quarterly data regarding the Airbnb lis:ngs was gathered on 

available Inside Airbnb data sets between the years 2021 and 2023 while most of the data 

for the years 2015 to 2021 was gathered using the Wayback Machine as older data sets 

were not accessible. The tourist density variable used to measure overtourism was created 

with quarterly bednights and arrivals data that was gathered on TourMIS. 

This study employed a quan:ta:ve research design and a linear regression model to find 

whether there was a rela:onship between the selected variables using secondary data. 

Each variable was analyzed separately to test each hypothesis. The results showed that 

there was no sta:s:cal significance between P2P accommoda:on and overtourism, with all 

hypotheses rejected.  While it was not the expected result, some conclusions can s:ll be 

drawn from this study. This thesis aims at introducing further research on the rela:onship 

between P2P accommoda:on and overtourism using a wider range of variables and indica-

tors to obtain more accurate results to analyze the selected variables using a mul:dimen-

sional approach. 
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1. INTRODUCTION 

Peer-to-peer (P2P) accommoda:on has known a rapid growth in Europe over the last 

decades. Relevant studies concluded that this growth is the result of a range of benefits of-

fered both to the tourists (guests) and the service providers (hosts) (Sung et al., 2018). P2P 

accommoda:on plaYorms such as Airbnb have emerged supported by the principles of the 

sharing economy as new marketplaces and quickly became leaders in the hospitality sector, 

disrup:ng the long-held domina:on of hotels. The emergence of these plaYorms trans-

formed the tourism sector as it shimed the mo:va:ons of tourists for travel. The rise of P2P 

accommoda:on can be explained by various factors driving tourists to turn towards alterna-

:ve forms of lodging while traveling. Accommoda:on is not viewed only as a place to spend 

the night but as a part of the whole travel experience. The factors driving the demand for 

P2P accommoda:on can be a lower price, the possibility to interact with the local commu-

ni:es (Gu.entag, 2015), or the search for a more authen:c tourist experience (Bucher et 

al., 2018; Shuqair et al., 2019). On the other hand, individuals will tend to rent available 

space in their accommoda:ons mostly to generate income (S:enmetz et al., 2020) or for 

social interac:ons (Lutz & Newlands, 2018; Ikkala & Lampinen, 2015). 

Despite the numerous posi:ve impacts brought by the rise of peer-to-peer short-term 

rentals (PSR), concerns have been voiced by different involved par:es. Indeed, these sud-

den changes created in the tourism sector affected the local communi:es and economies of 

many European ci:es, as well as the professionals in the hospitality industry. Challenges 

arise in ci:es such as gentrifica:on due to the rise in real estate prices, noise-related prob-

lems, seasonality, etc. P2P accommoda:on plaYorms are also deeply disrup:ng the hospi-

tality sector (Sigala, 2015). Every person spending a night in an Airbnb represents a loss for 

a tradi:onal tourism accommoda:on establishment, such as a hotel, hostel, or bed-and-

breakfast (B&B). These plaYorms are seen as unfair compe::on by hoteliers as the taxes 

and regula:ons applied to the tradi:onal hotel industry can be avoided due to the lack of 

regula:ons (Coyle & Yeung, 2016). This views can be contested nowadays with the rise of 

regula:ons in many European countries and ci:es. P2P accommoda:ons gained popularity 

with the idea that travelers would rent an accommoda:on from a local resident and provide 

“authen:c” experiences (Nieuwland & van Melik, 2018, p. 812), and even became the value 

proposi:on of different P2P accommoda:on online plaYorms, such as Airbnb (Gu.entag, 

2017). However, the reality is different; more and more owners of P2P accommoda:ons 

shimed from only ren:ng their property to gain addi:onal income to being a lucra:ve pro-

fessional ac:vity. The phenomenon of mul:-lis:ngs increased exponen:ally over the years 

and real estate agencies started to develop and expand into this business. In fact, operators 
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who own mul:ple units and full-:me hosts account for 71% of Airbnb's revenue in its top 

12 markets (Dogru et al., 2020). 

The UNWTO (World Tourism Organiza:on) defines overtourism as “the impact of tourism 

on a des:na:on, or parts thereof, that excessively influences the perceived quality of life 

(QOL) of ci:zens and/or quality of visitors’ experiences in a nega:ve way” (2018, p.4). Even 

though the term “overtourism” is quite new to the literature and is now used as a buzz-

word, it describes a well-known and exis:ng phenomenon (Capocchi et al., 2019). With the 

arrival of plaYorms such as Airbnb or Booking, it has never been easier for tourists to rent 

an accommoda:on. Ci:es have seen an increase in the number of tourists in the span of 

just a few years, increasing the development of economies, but also causing serious threats 

to the well-being of their local ecosystems. 

1.1. Background of the study 

Europe has always been a popular des:na:on for tourism. Comprising 44 countries with 27 

of them in the European Union (EU), traveling from one country to another has never been 

easier for EU residents. The Schengen Agreement (1985) resul:ng in the border-free Schen-

gen area guarantees free movement for over 425 million EU ci:zens (European Commis-

sion). In 2019, 81% of all tourism arrivals in Europe were EU residents (Eurostat, 2023). 

The sharing economy represents one of Europe’s strengths. According to a 2018 survey 

about Informa:on and Communica:on Technologies (ICT) in households and by individuals, 

21% of individuals aged 16 to 74 in the EU used websites or apps to book accommoda:on 

from another individual in the preceding 12-month period (Eurobarometer, 2018). The shar-

ing economy model and P2P accommoda:on generate opportuni:es for many European 

des:na:ons. Some EU countries are more popular than others regarding par:cipa:on in 

P2P accommoda:on. According to a study conducted by Eurostat (2020), the countries with 

the most individual hosts were Luxemburg (46%), Ireland (34%), and Malta (30%). On the 

other hand, Czechia (5%), Cyprus (5%), and Latvia (8%) were the countries where the popu-

la:on is the least interested in providing P2P accommoda:on. Due to its cultural heritage, 

various landscapes, and beau:ful ci:es, Europe is the leading market worldwide for in-

bound tourism. There were 744.5 million interna:onal tourist arrivals in Europe in 2019. In 

2022 and during the bounce back of tourism amer the COVID-19 pandemic, Europe re-

mained a.rac:ve with 584.9 million interna:onal tourist arrivals, making it the region with 

the highest number of interna:onal tourist arrivals worldwide (Sta:sta, 2023). From 2006 

to 2019, interna:onal tourist arrivals in Europe increased by 64%. In 2019, global tourism 

expenditure in Europe was USD 643.3 million (Sta:sta, 2022). This constant growth in the 

number of tourist arrivals in Europe brings economic benefits and numerous growth oppor-
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tuni:es for European ci:es that are using tourism to develop. This phenomenon of mass 

tourism can cause side effects in European des:na:ons. An increasing number of ci:es are 

suffering from problems due to the growth of tourist arrivals. Examples can be capitals such 

as Berlin, Copenhagen, Amsterdam, Lisbon, and Prague. Smaller ci:es with a lot of tourism 

a.rac:vity can be men:oned such as Venice, Dubrovnik, Florence, Bruges, Salzburg, etc. 

Hospers (2019) described overtourism as being a ma.er of percep:on. The nega:ve effects 

implied by overtourism vary depending on different factors such as the scale of the city, the 

loca:on of a.rac:ons, the felt density, but also the type of travelers.. Overtourism also re-

lates to the resident’s percep:on of the nega:ve impacts implied by the growth of tourism 

in their residen:al area. 

Led by the growth of the sharing economy and technological advances, online peer-to-peer 

property rental plaYorms started appearing (Farmaki et al., 2018). Airbnb shortly became 

one the biggest and most popular property rental plaYorms on the P2P accommoda:on 

market. It has been recognized that visitors are a.racted to using P2P accommoda:on 

rather than hotels for a variety of factors, including low prices, loca:on, and a search for 

authen:city with the feeling of “living like a local”. Airbnb has however been heavily cri:-

cized for its lack of regula:ons and faces legal problems (Thompson, 2015; Gu.entag, 

2015). Some landlords also evacuated tenants in order to empty the property for short-term 

rental (Jones, 2013). Some researchers iden:fied that the growth of P2P accommoda:on 

had nega:ve impacts on local housing markets (Gutérez et al., 2017). Tourism stakeholders 

started to take those nega:ve impacts into account and it resulted in some des:na:ons tak-

ing ac:on and banning or restric:ng Airbnb rentals, as the plaYorm failed to cooperate with 

ci:es (Cox & Haar, 2020). Many European ci:es, including Amsterdam and Paris, limited the 

number of days of rental availability, and others such as Barcelona introduced strict regula-

:ons for hosts. The COVID-19 pandemic deeply affected the tourism sector in Europe. Many 

des:na:ons suffered economic losses with tourism being their main source of revenue, re-

sul:ng in a loss of jobs for many tourism actors. Even though the pandemic has reduced 

short-term rental ac:vity (at least for a li.le while), the local housing units have not re-

turned to long-term rental (Cox & Haar, 2020). P2P accommoda:on has proven to be 

somewhat immune to the pandemic, with a significant increase in bookings when the 

COVID-19 regula:ons started to get limed (Sta:sta, 2023). 

1.2. Significance & purpose of study 

Despite numerous studies published on overtourism in Europe, this phenomenon is s:ll rel-

evant to this day as many ci:es are affected by an always-increasing flow of tourists. Nu-

merous studies were also conducted on the impacts of P2P accommoda:on, but the rela-

:onship between this rela:vely new type of accommoda:on and overtourism is s:ll a rele-
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vant subject as there is a lack of research on the topic. With the COVID-19 pandemic, some 

des:na:ons were able to recover as tourism was stopped in most parts of the world. Now 

that the tourism sector is recovering, policymakers and governments have taken ac:on 

against P2P accommoda:on plaYorms such as Airbnb in order to limit their impact on ci:es 

and their residents, and to avoid the past mistakes that led to those impacts. The effects 

linked to those new regula:ons are star:ng to appear, yet more strategies need to be 

thought of to find a balance between the development of tourism in Europe and the quality 

of life of residents.  

Thus, this study aims at inves:ga:ng the rela:onship between P2P accommoda:on and 

overtourism in European ci:es in order to iden:fy solu:ons and strategies for a be.er bal-

ance between the development of tourism and the quality of life of residents. A focus is 

placed on the characteris:cs making P2P accommoda:on so popular among tourists and 

why they prefer to book an Airbnb property rather than a hotel room. To do so, the follow-

ing research objec:ve has been defined. 

Research objecRve: 

• To determine how different characteris:cs of the P2P accommoda:on market and 

tourist behavior influence overtourism in European ci:es. 

1.3. Research quesRons 

To inves:gate the rela:onship between P2P accommoda:on and overtourism and the fac-

tors related to the growth of online P2P accommoda:on plaYorms, four research ques:ons 

were developed. Several aspects are being considered, such as the price, the loca:on, and 

the variety of P2P accommoda:ons, as well as the tourists’ search for an authen:c experi-

ence. 

Research Ques:on n°1 

RQ1 How does the price of P2P accommoda:on relate to overtourism in Europe? 

Research Ques:on n°2 

RQ2 How does the loca:on of P2P accommoda:on lis:ngs influence overtourism in Eu-

rope? 

Research Ques:on n°3 

RQ3 How does the variety of P2P accommoda:on lis:ngs influence overtourism in Europe? 
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Research Ques:on n°4 

RQ4 How does the perceived authen:city of P2P accommoda:on influence overtourism in 

Europe? 

All four research ques:ons are directly linked as they all refer to some of the characteris:cs 

of P2P accommoda:on and the mo:va:ons of tourists to use this type of lodging when 

traveling.  To answer these research ques:ons, the aim is to analyze the guests’ percep:ons 

of these different characteris:cs in rela:on to tradi:onal accommoda:ons such as hotels. 

They explore in par:cular how such mo:va:ons can create more overtourism in European 

ci:es. 

1.4. Structure of the thesis 

The thesis is organized into five chapters. Chapter one (1) provides a general overview of 

the topic with an introduc:on. The significance, purpose of the thesis, and research ques-

:ons are described in this chapter, as well as the structure of the thesis. Chapter two (2) 

includes a literature review of past studies on the sharing economy, P2P accommoda:on, 

and Airbnb in par:cular, overtourism, tourists’ experience, and behavior. Chapter three (3) 

covers the methodology of the thesis. It includes the selected methodology, the research 

design, the variable selec:on, and the data collec:on. Chapter four (4) comprises the re-

sults of the study including descrip:ve sta:s:cs, hypothesis tes:ng using a linear regression 

model, and a short discussion on the findings. Finally, chapter five (5) includes a conclusion 

with a summary of the thesis, the implica:ons for relevant stakeholders, future research, 

and the limita:ons of the study. 
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2. LITERATURE REVIEW  

2.1. The sharing economy 

In order to understand the different terms and concepts of this paper, it is essen:al to un-

derstand the principles of the sharing economy. The sharing economy (SE) refers to the abil-

ity of individuals to rent or borrow goods to and from other individuals rather than buy and 

own them. The term “Sharing Economy” was first men:oned in 2008 and is defined as the 

“collabora:ve consump:on made by the ac:vi:es of sharing, exchanging, and rental of re-

sources without owning the goods.” (Lessig, 2008, p. 143). Belk (2007, p. 126) argues that 

sharing involves “the act and process of distribu:ng what is ours to others for their use and/

or the act and process of receiving or taking something from others for our use”. The shar-

ing economy is omen referred to as the consumer-to-consumer (C2C), peer-to-peer (P2P), or 

collabora:ve economy. The term “collabora:ve economy” is omen interchangeable with the 

term “sharing economy”, even though it is subject to controversy. There is a debate with 

regard to the terminology of this term (Polanco-Diges & Debasa, 2020, p. 217). Sigala (2015) 

points out that the sharing economy is emerging as a global phenomenon and rapidly grow-

ing, changing the future of hospitality and tourism. The European Commission, in a Com-

munica:on, denotes that the sharing economy “refers to business models where ac:vi:es 

are facilitated by collabora:ve plaYorms that create an open marketplace for the temporary 

usage of goods or services omen provided by private individuals” (2016). They iden:fied 

three categories of actors: the service providers (private individuals or professionals), the 

users of the services, and the intermediaries that connect providers with users and that fa-

cilitate transac:ons between them. Hossain (2020) examined the exis:ng literature on SE 

concepts and synthesized the findings of 219 ar:cles on SE. The study explored the defini-

:onal dilemma but also the sharing economy as a phenomenon and key theories related to 

the topic. The author pointed out that there is a lack of regula:ons and policies of the SE. 

Various factors of the sharing economy are researched such as the role of cultural values on 

individuals’ inten:on to par:cipate in the sharing economy (Gupta et al., 2019). The SE can 

also be analyzed as a comparison of the “tradi:onal” economy. Dervojeda et al. explain that 

in tradi:onal markets, consumers buy goods and own them whereas, in the SE, suppliers 

share their resources temporarily with consumers, either for free or for a fee (2013). The 

most commonly known sharing economy model is a P2P model (Figure 1). In this model, 

goods and services are shared between individuals (demand and supply) and the Sharing 

Economy company (plaYorm) does not contribute to the produc:on of those goods and 

services, but acts only as an intermediary between demand and supply (Demary, 2015, p. 

5). 
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FIGURE 1: STRUCTURE OF A PEER-TO-PEER MODEL 

Source: Demary (2015, p. 5) 

Even though sharing goods and services is not new, technological advances such as the de-

velopment of the internet facilitated the growth of the sharing economy, with the crea:on 

of online plaYorms that made sharing easier than it was before (European Parliament, 

2017). These technological advances as well as the low prices associated with P2P rental 

allowed the sharing economy to gain popularity over the years. In the context of tourism, 

the sharing economy refers to the growing number of individuals sharing temporarily what 

they own (accommoda:on), or what they do (meals & excursions) with tourists (European 

Parliament, 2017). The growth of the sharing economy can be explained by a so-called “win-

win” situa:on for both supply and demand, meaning it brings financial benefits to both 

providers and users. The sharing economy has revolu:onized tourism, providing new op-

:ons for travelers in their choice of accommoda:on and allowing them to no longer be :ed 

to tradi:onal accommoda:on. For example, online P2P paid accommoda:on, including P2P 

rental plaYorms and vaca:on rental plaYorms represent the largest sector of the sharing 

economy in terms of transac:on value (PwC, 2016). Sovani and Jayawardena (2017) argue 

that the sharing economy is a phenomenon that is here to stay for a while in the industry 

and that des:na:ons should embrace the disrup:on it caused in order to ensure it brings 

benefits to the different stakeholders. 

2.2. Peer-to-peer accommodaRon 

2.2.1. IntroducRon to P2P accommodaRon 

Supported by the principles of the SE and enabled by technological advances, a growing 

number of individuals started ren:ng their accommoda:on to tourists for economic and 

social benefits. P2P accommoda:on is a segment of the sharing economy with several as-

pects making it a unique and dis:nct sector inside the sharing economy (Belarmino & Koh, 

2020). It is defined as online networking plaYorms that allow people to lease out parts of 
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their property or their en:re property for a short period of :me (Belk, 2014). This resulted 

in plaYorms such as Airbnb being created and overtaking the hospitality market in less than 

a decade. Individuals started ren:ng unused spare bedrooms for a small fee (e.g. Airbnb), or 

for free (e.g. Couchsurfing) (Karlsson & Dolnicar, 2016). The rise of P2P accommoda:on is 

due to the fact it provides benefits for both the users and suppliers (Sung et al., 2018). 

Hawlitschek et al. found that enjoyment, income, and social experiences are mo:vators for 

P2P rental par:cipa:on on the supplier side (2016). Similarly, Karlsson and Dolnicar (2016) 

iden:fied three reasons why hosts rent their property on short-term rental. The most im-

portant ones are income genera:on, social interac:on, and sharing experiences.  

Short-term rental only started as a way for individuals to earn addi:onal income or as a way 

to meet people, but it shimed towards a professionaliza:on of the sector. The growth of P2P 

short-term rental quickly a.racted micro-entrepreneurs looking at this phenomenon not 

only as a way to earn addi:onal revenues but as a lucra:ve ac:vity. Operators who own 

mul:ple units and full-:me hosts account for 71% of Airbnb's revenue in its top 12 markets 

(Dogru et al., 2020). Mul:-lis:ng hosts refer to individuals who list more than one property 

of P2P accommoda:on online plaYorms and cons:tute one type of professional host 

(Gunter & Önder, 2018). For example, 69.1% of all lis:ngs in Venice are mul:-lis:ngs (Inside 

Airbnb, 2023). Out of the 7.286 ac:ve lis:ngs in Venice, 1.652 are owned by hosts owning 

more than 10 lis:ngs in the city. Hosts with mul:ple lis:ngs are more likely to use P2P ac-

commoda:on plaYorms to not only earn extra revenue but as a professional ac:vity and 

are unlikely to live in the property. Such ac:vi:es are viola:ng most local short-term rental 

laws designed to protect residen:al housing. The other type of professional hosts is full-

:me hosts, ren:ng their property monthly or yearly (O’Neil & Ouyang, 2016). Mul:-lis:ng 

hosts and full-:me hosts have been scarcely researched over the last few years. The re-

search principally focuses on performance differences with non-professional hosts (O’Neil & 

Ouyang, 2016; Xie & Mao, 2017; Xie et al., 2021). Companies also started to focus on the 

short-term rental business and to professionalize the area due to the large economic bene-

fits possible. Such companies specializing in the business of ren:ng apartments for short-

term rental take on P2P accommoda:on online plaYorms such as Airbnb and dominate cer-

tain regions (Gil & Sequera, 2020). These companies mainly operate in key areas of des:na-

:ons where the demand and the prices are the highest and some companies can even use 

pseudonyms to hide their iden:ty from users, thus completely viola:ng the principles of the 

sharing economy.  

2.2.2. DisrupRon in the hospitality industry 

P2P accommoda:on is seen as a disruptor in the lodging industry (Sovani & Jayawardena, 

2017). This disrup:on in the tradi:onal hospitality sector is caused by P2P accommoda:on 
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taking a large share of the accommoda:on market. The growth of P2P accommoda:on in 

historic centers compared to hotels is facilitated by the availability of supply in exis:ng 

apartment buildings (Gu:érrez et al., 2017). Forgacs and Dolnicar (2017) showed that the 

emergence of P2P accommoda:on plaYorms such as Airbnb significantly impacts nega:vely 

the hospitality industry. It was shown that the demand for tradi:onal accommoda:on de-

creased, therefore threatening the jobs of many tourism professionals working in the tradi-

:onal hospitality sector. The lack of regula:ons and the indulgence of policymakers towards 

P2P accommoda:on online plaYorms has also been pointed out by hoteliers. Coyle and Ye-

ung (2016) argue that P2P online plaYorms are seen as unfair compe::on by tradi:onal 

hospitality professionals as they can avoid tax regula:ons and profit from illegal lis:ngs, 

while hotels have to follow strict regula:ons. In an ar:cle published by The Guardian, John 

O’Neil, director of the Centre for Hospitality Real Estate Strategy at Pennsylvania State Uni-

versity, es:mate that “most hoteliers I speak with have accepted Airbnb’s existence and 

growth. Their concerns have more to do with leveling the playing field between hotels and 

Airbnb operators because Airbnb has so many unfair compe::ve advantages rela:ve to ho-

tels” (Hickey & Cookney, 2016). The professionaliza:on of hosts also causes concerns 

among hoteliers as it is seen as unfair compe::on as they turn housing units into quasi-ho-

tels, and therefore seen as threatening the hotel industry (Somerville & Levine, 2017).  

Other research has shown that P2P accommoda:on had a nega:ve effect on occupancy and 

average daily rates of hotels (Zervas et al., 2017). Xie and Kwok (2017) examined the price 

posi:oning of Airbnb accommoda:ons when they were first implanted in Aus:n, Texas. The 

aim of their study was to analyze the impacts of P2P accommoda:on on hotels. The re-

search found that Airbnb did have a nega:ve impact on hotel performance when entering 

the market; however, the results showed also that the impacts are mi:gated as there is a 

high range of prices on Airbnb and the plaYorm has a sta:s:cally significant higher average 

daily rate (ADR) than hotels. Therefore, even though P2P accommoda:on disrupts the tradi-

:onal hospitality sector when entering a market, its pricing inconsistency and the higher-

priced proper:es were cited as the reason why P2P accommoda:on did not cause a more 

significant impact (Xie and Kwok, 2017). Similarly, Qua.rone et al. (2016) conducted a com-

prehensive study on Airbnb data in London. The results revealed that P2P lodging spread 

into residen:al areas and grew into areas with few hotels, if any.  

2.3. Airbnb 

Airbnb is one of the most successful companies in the global sharing economy. It was 

founded in 2008 by two entrepreneurs seeking to offset their high rental costs. Airbnb was 

developed as a short-term rental plaYorm that hosts could use to rent their en:re proper-

:es or unused spare bedrooms online. It now competes with other online travel booking 
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websites such as Expedia and Booking.com. Since its founding in 2008, Airbnb became one 

of the most used travel and tourism websites and serves as a representa:ve P2P accommo-

da:on plaYorm. In 2021, Airbnb had 12.7 million lis:ngs with 8.5 million ac:ve lis:ngs 

overall and 356.9 million nights booked (Airbnb Sta:s:cs, 2022). The plaYorm expanded 

overseas in 2011, opening its first office abroad in Hambourg, Germany. Even though the 

company started as a privately owned business, it went public in 2020. Airbnb generates 

profit through service fees to hosts and guests but does not own the rented proper:es on 

its website (Sta:sta, 2023). In 2021, the company value of Airbnb was 113 billion USD.  

Airbnb can be seen as a disrup:ve innova:on (Gu.entag, 2015) due to its unique compa-

ny’s business model and tourist appeal. Disrup:ve innova:on is defined as “the process by 

which a product or service ini:ally takes root in simple applica:ons at the bo.om of a mar-

ket—typically by being less expensive and more accessible—and then relentlessly moves 

upmarket, eventually displacing established compe:tors.” (Christensen & Raynor, 2003). 

The disrup:ng factor of Airbnb causes disturbances in the tradi:onal tourism accommoda-

:on sector, but the rise of Airbnb is also of great significance for des:na:ons as it poses a 

dilemma on whether they should respond or not to the illegality of some Airbnb rentals 

with its benefits and costs. Airbnb hosts engage in collabora:ve consump:on as a supple-

ment in income or to establish new rela:onships with guests (Dillahunt & Malone, 2015). 

Gu.entag (2015) argues that the rise of Airbnb is due to an offer of ini:ally cheaper and a 

simpler product supported by Internet technologies.  

The COVID-19 pandemic impacted all actors in the tourism sector, Airbnb included. In 2020, 

the number of nights and experiences booked with Airbnb dropped to under 200 million 

(Sta:sta, 2022), in comparison to the previous year when the plaYorm accounted for ap-

proximately 327 million bookings. However, the plaYorm quickly recovered from the pan-

demic as by 2022, approximately 393 million nights were booked on Airbnb (Sta:sta, 2023), 

represen:ng an increase from the previous year, but also an increase from the pre-pandem-

ic numbers. Airbnb managed not only to recover from the pandemic but even to increase 

the previous numbers. With the excep:on of the United States, Airbnb is most present in 

Europe. As of September 10, 2022, the European ci:es with the highest number of lis:ngs 

are London and Paris, with respec:vely 69,351 and 61,365 rooms and apartments for rental 

(Sta:sta, 2022). In the past, both ci:es have ranked among the most popular Airbnb des:-

na:ons in Europe. Other popular European des:na:ons for Airbnb rental are Rome (24,782 

lis:ngs), Madrid (20,681 lis:ngs, and Mallorca (19,049 lis:ngs). In comparison to the pre-

COVID-19 era, London had approximately 64,000 lis:ngs from July 2016 to July 2017, and 

75,700 ac:ve lis:ngs in the following year, from July 2017 to July 2018 (Sta:sta, 2020). It 

can be concluded that even though the ac:vity of P2P short-term rentals has been impact-

ed by the COVID-19 pandemic, it quickly recovered in major tourism hotspots. In London, 
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the number of ac:ve lis:ngs in 2022 is larger than the number of lis:ngs from 2016 to 

2017, and with the end of most regula:ons related to the pandemic, this number is expect-

ed to grow again. 

2.3.1. Issues and limitaRons 

The rapid growth of P2P accommoda:on and Airbnb in par:cular raised concerns and cri:cs 

regarding its poten:al impacts. Residents of tourism hotspots such as Barcelona or Venice 

cri:cized Airbnb for its lack of regula:ons and for enabling an increase in home rents, mak-

ing it harder for local residents to afford housing (Thompson, 2015). The illegal ac:vity of 

many Airbnb-type rentals has been the subject of different concerns (Go.lieb, 2013). Gut-

tentag (2015) discusses the legality issues of Airbnb, as well as the cri:cs linked to the lack 

of tax regula:ons surrounding the plaYorm. Airbnb has also been cri:cized for being the 

opposite of the concept of the sharing economy. Cadwalladr, in an ar:cle for The Guardian, 

denotes “Airbnb is about making money, not about sharing: money for its founders and in-

vestors, money for the people who open up their homes. It would be more accurately de-

scribed as a "capitalist economy” (2013). Cox and Haar, in a report for Inside Airbnb, men-

:on that P2P rental plaYorms such as Airbnb fail to cooperate with ci:es in order to reduce 

their nega:ve impacts on des:na:ons and residents and insist on the need for strong regu-

la:ons to protect housing (2020). In their report, the authors found that Airbnb has caused 

several issues such as an increase in rents, damage to urban communi:es, and ruined af-

fordable social housing programs. Other nega:ve impacts can directly come from the hosts 

of Airbnb accommoda:ons. Some landlords evicted tenants in order to use the empty 

proper:es for short-term rental, omen without ever returning to long-term rental (Jones, 

2013). Moreover, online P2P short-term rental plaYorms, Airbnb included, failed to cooper-

ate with ci:es for a long :me and profit from illegal lis:ngs (Cox & Haar, 2020). The authors 

argue that Airbnb has failed to cooperate in many ways: Hiding the iden::es of hosts and 

loca:ons of illegal lis:ngs, refusing to provide data for enforcement, failing to disclose ac:v-

ity for taxes collected, using taxes to avoid housing regula:ons, proposing ineffec:ve regula-

:ons to delay and block be.er regula:ons, etc. With the appearance of the COVID-19 pan-

demic, researchers try to iden:fy whether the pandemic would slow the rise of P2P ac-

commoda:on, or if the sector would be immune. Studies have shown that even though the 

pandemic has reduced short-term rental ac:vity, the units that were lost to short-term 

rental didn’t return to long-term rental (Cox & Haar, 2020). 

As a result of the mul:ple cri:cs against the plaYorm over the years, Airbnb started to be-

come heavily regulated in 2019 and was even made illegal in some ci:es where it was popu-

lar (IPropertyManagement, 2022). For example, hosts wan:ng to list their property for 

short-term rental on Airbnb in Barcelona must have a city-approved license. In Paris, hosts 
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must have a registra:on number to rent their property on Airbnb, and apartments can only 

be rented out for 120 days per year. These regula:ons slowed the growth of the plaYorm in 

many ci:es in Europe. Since Airbnb regula:ons started to be analyzed, the number of stud-

ies on regula:ons has considerably increased as pointed out by Gu.entag (2019). Hübscher 

and Kallert (2022) iden:fied that ci:es follow highly individual approaches regarding the 

regula:on of Airbnb. The authors found that the growth of Airbnb in European ci:es de-

pends highly on the strictness of regula:ons. Following the example of Paris, other French 

ci:es took ac:on to regulate Airbnb. Lyon also put a limit on short-term rentals and hosts 

can rent their property only for 120 days per year. Hosts are also required to request a regis-

tra:on number from the city hall and to declare the tourist tax collected (Pe:tprez, 2023). 

Following these regula:ons, the number of lis:ngs in ci:es such as Bordeaux was reduced 

by half (From 8,000-10,000 in 2018 to 4,668 in 2021). However, the introduc:on of licenses 

for P2P short-term rentals is s:ll largely not applied by most hosts. In Lyon in the first quar-

ter of 2023, only 8 lis:ngs out of the 9.575 total lis:ngs in the city were licensed for short-

term rental, meaning that 99.9% of lis:ngs are considered illegal (Inside Airbnb, 2023). A 

similar phenomenon appears in other European des:na:ons such as Florence where 98.1% 

of all ac:ve lis:ngs in the first quarter of 2023 are unlicensed (Inside Airbnb, 2023). This 

shows that even though regula:ons are appearing in many des:na:ons in order to limit the 

nega:ve impacts caused by P2P accommoda:on plaYorms, it will take a long :me for them 

to be applied by all actors par:cipa:ng in P2P short-term rental. 

2.4. Overtourism 

2.4.1. DefiniRon and history 

Overtourism has been a growing concern in Europe due to the increase in tourism arrivals 

faced by many des:na:ons. This increase in the flow of tourists can nega:vely affect the 

livelihoods of the local communi:es and residents of those ci:es, as well as the necessary 

resources to sustain tourism (Milano et al., 2019). Goodwin (2019, p. 111) claims that “over-

tourism is the opposite of responsible tourism which is about using tourism to make be.er 

places to live in and to visit”. According to the same author, des:na:ons experience over-

tourism when “hosts or guests, locals or visitors, feel that there are too many visitors and 

that the quality of life in the area or the quality of the experience has deteriorated unac-

ceptably” (2017, p. 1). However, overtourism is considered a new term that is being used to 

describe an already-exis:ng phenomenon. This complex phenomenon is related to the bal-

ance between op:mal and excessive development in the tourism planning of a des:na:on. 

It is also strongly linked to the impacts of tourism growth on residents and the des:na:ons 

carrying capaci:es. Even though the term overtourism wasn’t men:oned, the impacts of 
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tourism on local residents and des:na:ons’ carrying capacity have been widely studied for 

decades (Milano et al., 2022). 

For example, Doxey (1975) proposed an irrita:on index (or “irridex”) (Figure 1) that mea-

sures how the residents’ percep:on changes towards visitors in a specific area but is also 

based on the understanding of tourism development in different stages of a des:na:on’s 

life cycle (Pavlić & Portolan, 2016). Doxey iden:fied four stages of local percep:on toward 

tourists: euphoria, apathy, irrita:on, and antagonism. At first, tourism creates enthusiasm 

due to the economic benefits generated (euphoria). It is followed by a change of attudes 

with the growth of visitors. Locals then become used to tourists and indifferent (apathy). 

The excess of tourists leads to concerns and resentment from the residents (irrita:on), and 

can even lead to hos:le feelings towards tourists (antagonism). The last two stages are rele-

vant for overtourism as they relate to residents’ hos:le attudes rising from the nega:ve 

impacts due to a surplus of tourists in des:na:ons. 

FIGURE 2: DOXEY’S IRRITATION INDEX 

Source: Doxey (1975) 
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Similarly, Pizam (1978) conducted a study in order to examine the existence of the nega:ve 

impacts of tourism. He then drew comparisons between local residents’ percep:on of 

tourism and their dependence on tourism for a livelihood. He found that residents em-

ployed in non-tourism enterprises had nega:ve attudes toward tourists. The residents’ 

percep:on of overtourism will be further discussed in subchapter 2.4.3 Residents’ percep-

:on. Butler (1980) developed a model of the tourism product lifecycle and des:na:on de-

cline (Figure 2). Butler’s Tourism Area Life Cycle (TALC) is a widely used model to study the 

evolu:on of a par:cular des:na:on and discusses tourism carrying capacity and sustainabil-

ity. Butler wrote about the evolu:on of a tourism cycle in six stages: explora:on, involve-

ment, development, consolida:on, stagna:on, and decline or rejuvena:on. In each stage of 

the life cycle, the des:na:on undergoes several changes. In the fimh stage “stagna:on”, the 

carrying capacity of the des:na:on has been reached or exceeded. In the final stage of his 

model, Butler iden:fies a range of five possible scenarios that fit between the rejuvena:on 

or total decline of the des:na:on. The con:nued use of resources and a failure in managing 

effec:vely tourism growth can lead to the decline of a des:na:on. 

FIGURE 3: BUTLER’S TOURISM AREA LIFE CYCLE (TALC) MODEL 

Source: Butler (1980) 
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The way that tourism nega:vely affected des:na:ons has been studied as early as the 

1960s. A common point between these studies was that an excess of tourists in certain des-

:na:ons led to harm to the local environment and nega:ve attudes from the local resi-

dents towards tourists. It shows that even though overtourism is seen as a growing concern, 

the ques:on of effec:vely managing tourism des:na:ons is not new. 

2.4.2. Tourism carrying capacity 

The wording “Overtourism” first appeared in a Skim ar:cle on Iceland ()has only been fre-

quently used since 2015, and it has become the most commonly used expression to de-

scribe the nega:ve impacts of tourism (Koens et al., 2018). Before this term became popu-

lar, discussions regarding the carrying capacity of a des:na:on were put forward by re-

searchers in the 1980s. The purpose was to find the limit in terms of the number of tourists 

that could visit a des:na:on without harming the local environment and residents, and the 

quality of experience of other visitors. The term tourism carrying capacity (TCC) was intro-

duced by the UNWTO in a work report in 1978-1979 and is defined as “The maximum num-

ber of people that may visit a tourist des:na:on at the same :me, without causing destruc-

:on of the physical, economic, socio-cultural environment and an unacceptable decrease in 

the quality of visitors' sa:sfac:on” (2018, p. 3). Later on, Hovinen (1982) defined carrying 

capacity as the maximum number of tourists that can be accommodated without causing 

excessive environmental degrada:on and without leading to a decrease in tourist sa:sfac-

:on. Mathieson and Wall (1982) defined carrying capacity by considering the impact of 

tourism on a des:na:on in terms of environmental and experien:al aspects, such as the 

maximum number of tourists a des:na:on can accept without endangering its natural and 

recrea:onal resources. The tourism carrying capacity has been further studied by O’Reilly 

(1986). The author drew the conclusion that the lack of control regarding the carrying ca-

pacity of a des:na:on can lead to overcapacity, especially in developing countries, resul:ng 

in the destruc:on or near-destruc:on of historical landmarks and natural resources. O’Reilly 

points out the fact that it is necessary for the concept of tourism carrying capacity to be 

included in the planning for tourism of a des:na:on. 

Despite being a useful tool for managing visitors in vulnerable areas, the concept of tourism 

carrying capacity is imperfect (Zekan et al., 2022). Its limita:ons have been discussed by 

several researchers, and the main issue is that it is focused on tourism numbers, meaning 

the nega:ve effects of tourism are resul:ng from mass tourism and an increase in visitor 

numbers (McCool & Lime, 2001). However the reality is more complex and it is part of the 

reason why overtourism is now being more used, as it englobes a broader vision. 
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2.4.3.  Residents’ percepRon 

As men:oned previously, overtourism is in part a ma.er of percep:on. The defini:on of 

overtourism by the UNWTO  given in the “Chapter 1 Introduc:on” notes “the impact of 

tourism […] that excessively influences the perceived quality of life of ci:zens […]”. Des:na-

:ons and residents do not perceive the nega:ve effects of tourism equally. It is also impor-

tant to make the dis:nc:on between overcrowding and overtourism (Dodds & Butler, 

2019). According to the author, overtourism “represents a situa:on where numbers of visi-

tors overload the services and facili:es available and become a serious inconvenience for 

permanent residents of such loca:ons.” Likewise, Singh (2018, p. 2) insists on the difference 

between overtourism and mass tourism, sta:ng that overtourism is not confined to the 

concepts of crowding, but more a ma.er of percep:on of different actors, whether they are 

hosts, guests, locals, or visitors. 

The nega:ve impacts of tourism have been known and studied for decades, and yet over-

tourism is s:ll considered a growing concern. As the number of tourists keeps increasing in 

popular European des:na:ons, concerns from local residents as well as nega:ve attudes 

towards tourists arise. The concept of tourismphobia emerged at the same :me as over-

tourism and is also associated with the rapid growth of tourism in the past years (Milano et 

al., 2019). According to Milano et al. (2019, p.1), tourismphobia is “a feeling of rejec:on 

towards tourism that manifests in the form of assaults to restaurants, businesses, and 

yachts; a.acks on tourist buses, bikes damaged in tourist spots, and other acts of vandal-

ism”. Those phenomena can mainly be observed in top European des:na:ons such as Bar-

celona, Venice, Dubrovnik, etc. However, those des:na:ons have almost always been 

known for having a large flow of tourists. For example, local residents of Venice complained 

about overcrowding at the end of the 19th century (Hospers, 2019). Twain, in his travel 

book “A Tramp Abroad” (1880), depicts his own view as a tourist rather than a sensi:ve 

traveler and his awareness of some of the impacts linked to mass tourism, such as how it 

affects and promotes a false version of a des:na:on.  

The perceived nega:ve impacts of tourism depend on the implica:on of residents in 

tourism. For example, a study by Milman and Pizam (1988) undertaken in Central Florida 

found that residents who were employed in the tourism industry expressed the most posi-

:ve attudes toward tourism impacts. Local residents and officials will tend to tolerate the 

nega:ve effects of tourism if it brings posi:ve economic benefits. The example of the island 

of Amorgos represents this principle (Tribe, 2011, p. 411). Tourism developed quickly over 

the last 20 years on the island, changing the economy and allowing locals to make more 

money in two months with tourism than they could have made in a year. Even though there 

is overcrowding and a phenomenon of mass tourism, it is not considered overtourism if the 
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locals perceive tourism as a whole as posi:ve. Stergiou and Farmaki studied the residents’ 

percep:on of the impact of P2P accommoda:on through fimy-one structured interviews 

(2020). The authors revealed that there is a dominance of nega:ve percep:ons of socio-

economic and environmental impacts among local residents. This study also came up with a 

typology of residents based on their percep:ons and behaviors toward the impacts of P2P 

accommoda:on (Figure 4). This typology categorizes residents into four categories: the re-

ac:ve, the proac:ve, the docile, and the agonis:c. Regarding the percep:on of P2P ac-

commoda:on, some residents wish to take this growth as an opportunity to par:cipate ac-

:vely in P2P accommoda:on (proac:ve), whereas some residents remain passive and do 

not wish to take an ac:ve role regarding this phenomenon (reac:ve). As to the behavior of 

residents regarding the growth of P2P accommoda:on, some residents accept this new re-

ality and the changes occurring in their neighborhoods, considering that there isn’t much 

they can do (docile). On the other hand, some residents show ac:vely their dissa:sfac:on 

regarding P2P accommoda:on (agonis:c). These residents can have aggressive behavior 

toward guests or hosts of rental accommoda:ons, striving the limit the nega:ve impacts by 

taking the situa:on into their hands. The impacts of P2P accommoda:on are further dis-

cussed later in this paper. 

FIGURE 4: TYPOLOGY OF RESIDENTS 

Source: Stergiou & Farmaki (2020, p. 8) 

2.4.4. COVID-19 and overtourism 

Since its appearance, overtourism was one of the most used expressions to describe the 

nega:ve impacts of tourism on des:na:ons and local residents. However, it all came to 
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change when a global health crisis hit the world and completely changed the face of 

tourism. Des:na:ons that were flooded with tourists quickly started emptying. Amer over-

tourism, a phenomenon known as “undertourism” appeared (Milano et al., 2022). It is de-

fined as the “reduc:on in the number of visitors to a minimum level” (Coronel et al., 2022). 

Des:na:ons suffered terrible economic losses due to the COVID-19 pandemic, as well as 

the tourism sector in general. Undertourism was an already exis:ng phenomenon before 

the COVID-19 pandemic, affec:ng des:na:ons linked with terrorism (Bassil et al., 2017), 

and Mimarević (2023) points out that there is a lack of research on the concept of under-

tourism. As tourism was at a stop during COVID-19, overtourism no longer became a con-

cern and the nega:ve impacts of tourism slowly disappeared. One of the nega:ve impacts 

linked with overtourism is the use of natural resources by tourists. The COVID-19 pandemic 

allowed des:na:ons to rest, and their natural resources to grow. Local residents also gener-

ally perceived the break from overtourism as posi:ve (Wendt et al., 2022). The COVID-19 

pandemic also made des:na:ons rethink tourism development and planning to avoid a 

sudden resurge of overtourism. Calls for degrowth in the sector have been launched in or-

der to develop tourism more sustainably in the future. For example, demarke:ng is pre-

sented as a poten:al solu:on for the post-COVID-19 period. Demarke:ng is defined as “that 

aspect of marke:ng that deals with discouraging customers in general or a certain class of 

customers in par:cular on either a temporary or permanent basis” (Kotler & Levy, 1971). 

During the pandemic, tourism stakeholders implemented different measures to limit and 

mi:gate the impacts of the crisis on the tourism sector. The tourism sector had to evolve 

and innova:ve services were promoted such as the development of digital tourism (Liu:kas, 

2023). Sustainable tourism also became a major goal of tourism worldwide to counter the 

effects of mass tourism in the pre-COVID-19 period on des:na:ons. Introducing measures 

related to sustainable tourism promotes a different kind of tourism in compliance with the 

carrying capacity of des:na:ons (Seabra & Bha., 2022). On the other hand, some tourism 

experiences contrasted with undertourism and suffered from overtourism during the 

COVID-19 pandemic due to stayca:ons and domes:c tourism. Such experiences can include 

hiking and nature tourism for example. 

The reality of the post-COVID-19 period is mi:gated. As soon as the pandemic started to 

slow down and the travel restric:ons were limed, tourism came back to life. Tourism in Eu-

rope has known a strong rebound since the pandemic. According to Eurostat, there was a 

27% rise in nights spent at EU tourist accommoda:on establishments in 2021 compared to 

2020, totaling 1.8 billion on overnight stays (2022). As the post-COVID-19 period is s:ll on-

going, it is difficult to draw conclusions yet on whether overtourism will return to its original 

state or if the evolu:on in the tourism planning and development of des:na:ons will pre-

vent it from happening. Both solu:ons are possible, however sustainable tourism has been 
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widely promoted since the pandemic, and des:na:ons are ac:ng toward maintaining a bal-

ance between tourism growth and the three pillars of sustainability (Mihalic, 2021). 

2.5. CharacterisRcs of peer-to-peer accommodaRon 

The factors explaining the shim of tourists from the tradi:onal accommoda:on sector to 

P2P short-term rental have been studied for some :me. Indeed, P2P short-term rentals and 

tradi:onal accommoda:on providers are not iden:cal, they provide different services for 

tourists with different needs (Gu.entag et al., 2017). This new accommoda:on sector also 

started to a.ract new customers as they provide different characteris:cs such as a large 

variety of supply (Dolnicar, 2018), immersive experiences driven by a search for authen:city 

(Paulauskaite et al. 2017), but also social interac:ons (Tussyadiah, 2014). As tourists are 

now faced with a large variety of choices regarding short-term property rental, the decision-

making part is crucial in pre-trip planning as they are making choices regarding different 

factors. Cheung (2019) argues that the rise of P2P accommoda:on over hotels has been 

mo:vated by loca:on, house feeling, and low cost. Gu.entag et al. (2017) iden:fied six di-

mensions related to the mo:va:on of travelers to use Airbnb instead of tradi:onal accom-

moda:ons. Those dimensions are price, func:onal a.ributes, unique and local authen:city, 

novelty, travel bragging and sharing economy ethos. From these six dimensions, the authors 

divided the respondents of the study into five segments: Money Savers, Home Seekers, Col-

labora:ve Consumers, Pragma:c Novelty Seekers, and Interac:ve Novelty Seekers. Another 

key component linked to the success of P2P accommoda:on is the trust built with the con-

sumers. PlaYorms such as Airbnb create online communi:es when users rely on other user-

generated content to verify the trustworthiness of the hosts ren:ng their property (Murillo 

et al., 2017). This trustworthiness on the Airbnb plaYorm is built through online reviews 

where guests can provide informa:on on the quality of the hosts and accommoda:on to 

other guests. Online reviews are also useful for hosts that can assess the trustworthiness of 

guests from other hosts’ reviews (Murillo et al., 2017). The characteris:cs of P2P accommo-

da:on and more precisely Airbnb are discussed in more detail in the chapters below. 

2.5.1. The price factor 

One of the characteris:cs influencing the decision-making of travelers when booking ac-

commoda:on is the price. Hamari, Sjöklint, and Ukkonen (2015) found that economic bene-

fits were a significant mo:vator for individuals to use P2P accommoda:on services. A study 

by Mar:n-Fuentes et al. (2019) shows that Airbnb prices are significantly lower than those 

of hotels and that they fluctuate very li.le, whereas hotels tend to adjust prices using yield 

or revenue management depending on the season. Gu.entag et al. (2017) iden:fied the 

category of tourists staying in P2P accommoda:on lis:ngs rather than hotels for its low 
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costs as the “Money Savers”. The authors argue that this type of tourist uses P2P rentals as 

a way to save money and is usually not mo:vated by other factors. They are also omen 

young and without children, with 62.9% of them being under 30. The prices of Airbnb list-

ings can largely vary depending on various factors. Gibbs et al. (2017) iden:fied that physi-

cal characteris:cs, loca:on, and host characteris:cs significantly influence the prices of list-

ings. In an environment as compe::ve as short-term property rental, prices play a huge 

factor in the decision-making of tourists. Tourists that are mo:vated to save money when 

booking accommoda:on tend to turn towards the cheapest alterna:ve. Suárez-Vega et al. 

(2022) iden:fied that the subs:tu:on of Airbnb with hotels is price-elas:c, meaning that 

the demand for Airbnb increases as the price of lis:ngs decreases. If prices were to in-

crease, the demand for hotels would increase, showing that the rise of P2P accommoda:on 

is in part due to the fact it is generally cheaper than hotels. Numerous researchers have in-

dicated that P2P accommoda:on tends to be less expensive than hotels, even though they 

are omen more expensive than hostels (Gu.entag, 2015).  

However, in some cases, P2P accommoda:on is not cheaper than hotels. A study by US per-

sonal finance company NerdWallet analyzed a thousand Airbnb reserva:ons between 2022 

and 2023 (French & Kemmis, 2023). Even though it can be difficult to compare the prices of 

Airbnb lis:ngs due to their variety, some key indicators can provide useful informa:on as to 

whether such rentals are be.er are worse than hotels regarding prices. The study conclud-

ed that Airbnb accommoda:on is rarely cheaper for short-stays mostly due to discounts and 

cleaning fees, but more cost-effec:ve for larger groups. Indeed, the study looked at six-per-

son accommoda:ons on Airbnb and three hotel rooms, assuming two adults per room, and 

the average Airbnb for six was 33 percent cheaper than three hotel rooms. However, the 

study also showed that the average hotel room was 29 percent cheaper than an Airbnb for 

two. Similarly, Lane and Woodworth (2016) examined U.S. Airbnb data and compared aver-

age rates of different types of Airbnb accommoda:on with average hotel rates and it was 

found that Airbnb's en:re homes cost more on average than hotels, including when only 

looking at lis:ngs with one bedroom. The popularity of P2P accommoda:on therefore can’t 

only be established by its low prices as it has been proven that Airbnb rentals are not always 

cheaper than hotels. The popularity comes from a combina:on of factors including the ex-

perience, the loca:on, and the variety of these lis:ngs, all of which are detailed later in the 

paper. It has been proven that Airbnb can be considered a subs:tute for hotels in some cas-

es, but not always. 

As the COVID-19 pandemic affected the tourism sector, it also affected the prices of P2P 

property rentals. Milone et al. (2023) iden:fied that the surge of the COVID-19 pandemic 

caused a significant decline in Airbnb demand, resul:ng in a rise in Airbnb prices. The au-

thors also argue that pricing strategies substan:ally differ between commercial and private 
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hosts. Based on economic principles, an increase in the demand for Airbnb lowers the 

prices as the compe::on between hosts forces them to offer a be.er price than their com-

pe:tors in order to remain a.rac:ve to guests. Owens (2023) argue that since the pandem-

ic outbreak, Airbnb prices have increased by 35%. The increase in prices benefited neither 

the guests nor the hosts as guests have voiced unhappiness regarding this increase in prices 

as it comes with addi:onal fees with their bookings, and hosts claimed declining business. 

Overall, the price of P2P accommoda:on can impact overtourism in various ways. Afford-

able P2P accommoda:on can make travel more accessible to budget-conscious travelers, 

leading to an increase in the number of tourists visi:ng a des:na:on. On the other hand, 

high prices for P2P accommoda:on can limit the number of visitors who can afford to stay 

in a des:na:on, poten:ally reducing overtourism. However, high prices can also contribute 

to the gentrifica:on and displacement of local residents. The increasing supply of affordable 

accommoda:on led by the growth of P2P short-term rental can also poten:ally contribute 

to overtourism by making it easier for people to visit, therefore increasing the number of 

visitors in a specific loca:on. 

H1: The difference in price between P2P accommodaKon and hotels have a significant posi-

Kve effect on overtourism in Europe 

2.5.2. The locaRon factor 

Nowadays, there are Airbnb lis:ngs in almost every possible loca:on on the planet. One of 

the advantages that P2P accommoda:on has over hotels is that there are not bound to buy 

and build new proper:es in order to expand, as they very omen use already exis:ng build-

ings. This advantage allows Airbnb to be located in many city centers in Europe, gaining a 

huge compe::ve advantage over tradi:onal accommoda:on providers. This advantage that 

is offered through P2P accommoda:on can sa:sfy the needs of upper-level customers that 

would possibly choose hotels without this feature. While several researchers argue that P2P 

accommoda:on is a subs:tute for hotels (Dogru et al., 2020), some studies do not find a 

subs:tu:on effect between P2P accommoda:on and hotels, claiming that P2P accommoda-

:on had no influence on the revenues generated by hotels (Blab et al., 2018). One of the 

reasons used as a jus:fica:on for the absence of a rela:onship between P2P accommoda-

:on and hotels is the loca:on. Indeed, some studies have shown that in major ci:es such as 

Paris, the compe::on between Airbnb lis:ngs and hotels is not significant (Heo et al., 

2019). However, large tourist hotspots such as Paris have plenty of hotels located in key ar-

eas of the city and s:ll benefi:ng from tourism even though there’s new compe::on with 

property rental plaYorms. Smaller ci:es with historical city centers such as Dubrovnik are 

not saturated with hotels. Therefore, the growth of P2P accommoda:on in those centers 

completely changed the offer of short-term property rentals. When before travelers needed 
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to walk from their hotels to the center, they are now directly located in the key hotspot in 

the city. Jia and Bai (2020) argue that Airbnb rentals were more likely to be located in 

neighborhoods with good transit, close to the city center, and with a high median house 

value and household income. Tussyadiah and Zach (2015) found that both hotel guests and 

P2P short-term rentals emphasized the importance of loca:on, even though hotel guest 

reviews tended to emphasize convenience and short-term rental reviews emphasized the 

general appeal. Another way of looking at the loca:on factor of P2P short-term rentals is 

that the importance of that mo:va:on for tourists can be seen as unexpected (Gu.entag, 

2017). The author argues that P2P lis:ngs tend to be located in residen:al neighborhoods 

rather than clustered in city centers like hotels, and that loca:on should therefore represent 

more of a drawback than a reason to choose it. This view might have been accurate some 

:me ago when P2P lis:ngs were mostly located in residen:al areas but this is not the case 

anymore as many P2P lis:ngs are nowadays located in many city centers of European des:-

na:ons. 

The loca:on of P2P accommoda:on can affect overtourism in European des:na:ons in var-

ious ways. Firstly, P2P accommoda:on plaYorms omen concentrate their lis:ngs in popular 

tourist areas, which can contribute to overcrowding and put pressure on local resources 

(Slee, 2015). It has also been proven that the popularity of P2P accommoda:on in certain 

areas can contribute to gentrifica:on, with local residents being priced out of their neigh-

borhoods or facing pressure to sell their homes to investors (Cocola-Grant & Gago, 2019). 

P2P accommoda:on can also lead to an increase in demand for services such as restau-

rants, transporta:on, and entertainment, leading to overcrowding and nega:ve impacts on 

the local environment. Similarly, P2P accommoda:on can encourage unsustainable tourist 

behavior, such as visi:ng popular sites during peak hours or par:cipa:ng in low-quality, 

low-cost tours. Finally, P2P accommoda:on depending on the loca:on can have a nega:ve 

impact on local culture by promo:ng a homogenized experience for tourists and reducing 

opportuni:es for interac:on with local residents. 

H2: The locaKon of P2P accommodaKon lisKngs have a significant posiKve effect on over-

tourism in Europe 

2.5.3. The variety factor 

“Variety is one of the consumer’s greatest concerns.” (Fortune Magazine, 1991). With the 

rise of new technologies, consumers are always faced with a variety of choices in various 

areas of their life, such as food, ac:vi:es, accommoda:ons, etc. When facing different 

choices of selectable products, individuals omen choose products in different categories 

even though they can repeatedly select their favorite products; it is regarded as variety-

seeking behavior (Kahn & Louie, 1990). Variety-seeking buyer behavior is defined as “the 
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buying tendencies of those consumers that do not have a high involvement with a product 

when there is a significant difference between brands” (Variety-Seeking Buying Behavior: 

Defini:on & Marke:ng Strategies, 2018). A variety-seeking behavior refers to consumers 

switching between different products or categories to avoid diminishing u:lity due to repet-

i:ve purchases or consump:on (Ratner et al., 1999). A basic assump:on regarding the vari-

ety of a certain category of products is that offering more op:ons is superior to offering 

fewer op:ons as a greater variety of op:ons can sa:sfy a wider range of tastes (Lancaster, 

1990). However, this assump:on has been challenged by more recent research doub:ng 

the effec:veness of consumers having too many choices (Schwartz, 2004). Other research 

has shown that offering more op:ons some:mes disserves the consumer as it leads to deci-

sion conflict and uncertainty (Greenleads & Lehmann, 1995).  

2.5.3.1. Variety in P2P accommodaRon 

The variety of lis:ngs on P2P accommoda:on plaYorms influences the decision-making of 

customers. There are four main types of places on Airbnb: en:re places, private rooms, ho-

tel rooms, and shared rooms (Airbnb, 2023). Apartments and private houses represent most 

of the current Airbnb lis:ngs. As Airbnb regroups millions of different lis:ngs, the plaYorm 

offers a large variety of choices for travelers, depending on their needs. Lis:ngs can vary 

from villas by the ocean to small wooden cabins in the mountain, from tree houses in the 

forest to yurts, domes, troglodyte houses, or even windmills. That variety of choices 

changes the perspec:ve of thinking of an accommoda:on only as a place to sleep. The ac-

commoda:on now becomes part of the experience, or in some cases, it becomes the expe-

rience in itself. The market for those “unusual” accommoda:ons has been booming for 

more than ten years led by the search of tourists for authen:city. Its popularity comes from 

the experience it provides to its customers (Hospitality On, 2022). Tourists book these types 

of accommoda:on in order to create a different experience from their everyday life. The 

rise of social media plaYorms such as Instagram also promotes such accommoda:ons as the 

customers can share their experience with their network (friends & family). Airbnb even 

dedicated a category on its website to these unusual accommoda:ons. This phenomenon is 

nowadays not only limited to online plaYorms specialized in P2P short-term rentals such as 

Airbnb as hospitality professionals are beginning to show interest in this market as they can 

make significant revenue. 

Whereas before consumers had li.le choice regarding the variety of their accommoda:ons 

being mostly hotel rooms or hostels, P2P accommoda:on opened a wide range of different 

lis:ngs to choose from. The variety in the choices of hotels consists of the different ranges 

of hotels that guests can book from: budget hotels/motels, mid-range hotels, and upscale 

hotels. The variety in P2P accommoda:on can also represent the func:onal a.ributes of 
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such accommoda:ons compared to hotel rooms. It is first important to emphasize the dif-

ference between hotels’ func:onal a.ributes such as the staff availability, check-in/out 

process, and the different facili:es and P2P accommoda:on's unique func:onal a.ributes 

(Gu.entag et al., 2017). The exis:ng literature has emphasized the benefits for guests to 

have access to household ameni:es and larger space available inside the accommoda:on 

(Gu.entag, 2015). It has also been proven that staying in a private property instead of a 

generic tradi:onal accommoda:on such as a hotel room provides guests with a more 

“homely” atmosphere (McIntosh & Siggs, 2005). These func:onal a.ributes can also be 

used to emphasize the general experience of a guest as the “homely” atmosphere these 

a.ributes can generate contributes to the local experience a guest can feel; whereas guests 

staying in hotel rooms are condi:oned as tourists with their choice of accommoda:on.  

H3: The variety of P2P accommodaKon lisKngs have a significant posiKve effect on over-

tourism in Europe 

2.5.4. The experience factor 

2.5.4.1. Tourist behavior 

When it comes to booking accommoda:on, travelers never had more choices. They are 

faced with an overwhelming number of trade-offs, resul:ng in an overload in their decision-

making process (Vriens et al. 2020). An analysis of tourist behavior is important in order to 

understand the changes in the behavior of travelers when deciding on the booking of ac-

commoda:on. Cohen et al. (2013) provide a highly structured review of the literature on 

travel behavior. There is a lack of comprehensive reviews on consumer behavior concepts 

and models in tourism. Part of the reason why is that travel behavior can be considered a 

con:nuous process that includes inter-correlated stages and concepts that can’t always be 

analyzed. However, concepts, influences, and research contexts can be studied for a specific 

 FIGURE 5: FACTORS SHAPING TRAVEL BEHAVIOR 
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Source: Cohen et al. (2013) 

travel stage in the visita:on process. The impact or role that various factors play in shaping 

travel behavior differs substan:ally depending upon the nature of the trip, the stage of the 

trip (trip planning, during the trip, or amer the trip) as well as the trip goal (reason for the 

trip such as business or pleasure) (Figure 5). The authors also showed that tourism decision-

making and consump:on are omen highly interpersonal and emo:onal. 

Decision-making in tourism consumer behavior has omen been studied considering that 

humans are ra:onal (Engel et al. 1968), however, more recent studies have proven that it is 

not always the case (Hyde & Lawson, 2003), arguing that those former studies were unable 

to capture the complexity of decision-making in tourism. The emergence of new technolo-

gies changed the way individuals make decisions. Gretzel (2010) discusses the role of infor-

ma:on technology and argues that technology will fundamentally restructure the nature of 

the tourism experience. Thaler and Tucker (2013) discuss the changing environment regard-

ing the availability of informa:on about the different aspects of a consumer’s life, including 

how they make decisions. The authors argue that the availability of new data enables trav-

elers to make be.er decisions as they are faced with more alterna:ves when booking a 

flight, restaurant, accommoda:on, etc. The development of informa:on technology (IT) and 

the changes in the values and lifestyles of individuals induced changes in consumer behav-

ior and led to a “new” kind of traveler. Benckendorff et al. (2019) discuss the importance of 

informa:on technology in the travel and tourism industry and how technological innova-

:ons change the industry. New technologies allow tourists to be be.er informed, more in-

dependent, and more realis:c. 

2.5.4.2. GeneraRons and moRves for travel 

It has long been recognized that age is an important factor affec:ng travel behavior and that 

people from different genera:ons travel for different mo:ves. Gursoy et al. (2008) define 

genera:ons as a “proposed group of individuals who were born during the same :me peri-

od and who experienced the same key historical or social life events”. The authors also ar-

gue that these similar experiences greatly influence individuals’ values and behaviors. It is 

first important to understand the different genera:ons currently involved in tourism in or-

der to analyze the different mo:va:ons for travel. The five major genera:ons are known in 

chronological order as the “Silent Genera:on”, “Baby Boomers”, “Genera:on X”, “Genera-

:on Y”, and “Genera:on Z”. Each genera:on is usually 20-25 years, so the mo:va:ons be-

tween genera:ons change regularly. For example, a young adult will not look for the same 

experience as an older person. Technology plays a large part in the inter-genera:onal differ-

ences related to decision-making. Several studies have been conducted to inves:gate the 

genera:onal characteris:cs of online tourist informa:on sources and processing (Reisenwitz 
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& Fowler, 2019). Studies show that the use of the internet has increased in all genera:ons, 

but the older genera:ons are less likely to use the internet for informa:on search. The rise 

of P2P accommoda:on therefore benefited younger genera:ons that are used to the inter-

net in their daily lives, making it easier to book accommoda:ons on online plaYorms.  

A 2016 report by Airbnb states that “millennials are the largest genera:on in history, and by 

2025, millennials and younger genera:ons will account for 75% of all consumers and travel-

ers” (Airbnb, 2016, p. 2). Millennials are defined as individuals born between 1980 and the 

early 2000s and surpassed the baby boomers genera:on in terms of numbers. They repre-

sent roughly 60% of all guests who have ever booked accommoda:on on Airbnb. It is also 

said that Millenials would rather travel than buy a house or pay off debts. Due to this fact, 

and the fact that it is a genera:on familiar with the use of the internet for informa:on 

search, millennials are the perfect category to target for P2P accommoda:on plaYorms. 

Millennials are also linked with the search for authen:city. The Airbnb report states “Over 

80% of millennials seek unique travel experiences and say that the best way to learn about 

a place is to live like the locals do” (p. 2). Airbnb has long been seen as a plaYorm providing 

authen:c and local experiences due to its lis:ngs located in key areas of des:na:ons and 

the experience it provides to guests by sharing the life of a local. Therefore, it a.racts new 

kinds of customers that would not be able to access that authen:city through tradi:onal 

accommoda:ons. 

Through a quan:ta:ve survey conducted on 1.285 residents of Tenerife, Spain, Garau-Vadell 

et al. showed that millennial residents are more suppor:ve of P2P accommoda:ons than 

any other genera:on (2023). The authors argue that their support is based on a greater 

percep:on of the posi:ve economic benefits, as well as the social and environmental im-

pacts than previous genera:ons. This shows that when individuals are involved in using P2P 

accommoda:ons, they are also more tolerant towards P2P accommoda:ons in their home 

ci:es. Millennials are considered to display a great commitment to local communi:es (Hira, 

2007). This genera:on is also said to appreciate true connec:ons with local popula:ons and 

the crea:on of authen:c local experiences (Ke.er, 2021). Based on omen wrong beliefs 

about the posi:ve benefits the rise of P2P accommoda:on brought to local communi:es, 

millennials can overes:mate the posi:ve social impacts of P2P accommoda:on and under-

es:mate the nega:ve ones (Garau-Vadell et al., 2023).  

2.5.4.3. Quest for authenRcity 

Understanding the tourist experience is crucial in analyzing tourist behavior. Early studies of 

the tourist experience emphasize its dis:nc:veness from everyday life. Smith defines the 

tourist as “a temporarily leisured person who visits a place away from home for the purpose 

of experiencing change” (1978, p. 1). Similarly, Turner and Ash (1975) argue that individuals 
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leave their regular environments for the purpose of tourism to suspend the norms and val-

ues governing their lives. The authors argue that tourism allows individuals to think about 

their daily lives from a different perspec:ve. MacCannell (1973) portrays tourism as a quest 

for authen:city. He argues that individuals perceive their daily lives as inauthen:c as op-

posed to the search for authen:c experiences when traveling and breaking the bonds of 

their everyday experiences. The no:on of differen:a:ng the tourism experience from the 

rou:ne of everyday life has been challenged since the 90s. Lash and Urry (1994) argue that 

nowadays many aspects of experiences that were once confined to tourism are now acces-

sible in various contexts of everyday life. They argue that many tourist-related experiences 

are currently reachable without the necessity for travel to separate des:na:ons. In that 

context, Uriely (2005) iden:fied four conceptual developments in the study of the tourist 

experience: de-differen:a:ng the experience, pluralizing the experience, the role of subjec-

:vity, and toward rela:ve interpreta:ons. The author argues that early conceptualiza:ons 

of the tourist experience are not relevant anymore and that the experience is subjec:ve 

and shaped by various factors such as class, ethnicity, or gender. Uriely also argues that “as 

part of an a.empt to capture the essence of tourism, early conceptualiza:ons were not 

concerned with the variety of meanings and mo:va:ons” (2005, p. 204). The author de-

scribes the necessity of pluralizing the tourist experience instead of the generaliza:on in-

troduced by early conceptualiza:ons. In that context, Cohen developed a typology of four 

tourist types, one of the first major typologies to be introduced in the travel and tourism 

industry (1972) (Figure 6). The no:on of plurality introduced by the author set the begin-

ning of different categoriza:ons aiming to capture the variety of the tourist experience. 

FIGURE 6: COHEN’S TOURIST TYPOLOGY 

Source: Cohen (1972) 

The four types of tourists iden:fied by Cohen are the Drimer, the Explorer, the Individual 

mass tourist, and the Organized mass tourist. The first two types of tourists (the Drimer and 
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the Explorer) are deemed nonins:tu:onalized tourists and the la.er two (The Individual 

mass tourist and the Organised mass tourist) are examples of ins:tu:onalized tourists. The 

Drimer and the Explorer are represented as searching for a low familiarity and high novelty. 

The Drimer is considered a highly adventurous tourist searching for an authen:c experience 

by living in the local community. The Explorer is a tourist that omen travels alone and seeks 

comfortable accommoda:on and reliable transporta:on. Those two types of tourists are 

the ones that are the most ac:ve in P2P accommoda:on rentals as it omen allows them to 

live closer to local communi:es. The Individual mass tourist and the Organized mass tourist 

are represented as searching for a high familiarity and low novelty, omen seeking for similar 

experiences over the years. The Individual mass tourist is not controlled by a group and has 

a somewhat controlled :me and i:nerary. The Organized mass tourist omen follows a tour 

guide with a fixed i:nerary in advance. Cohen’s tourist typology is important as it helps un-

derstand the kinds of tourists that are interested in par:cipa:ng in P2P accommoda:on 

rental to “differen:ate” from mass tourists. 

In order to understand the tourist experience, it is important to understand how the cus-

tomer experience is relevant for most businesses, and how P2P accommoda:on plaYorms 

benefit from providing a memorable experience for their guests. For Meyer and Schwager, 

“Customer experience encompasses every aspect of a company’s offering – the quality of 

customer care, of course, but also adver:sing, packaging, product and service features, 

ease of use and reliability” (2007, p. 118). The authors argue that customer experience 

should be the central focus of every travel-related business. They indicate that the owners/

leaders of most companies don’t really understand why the customer experience is so im-

portant, or they fail to incorporate measures that can then be used to provide insight into 

ways that might guide the development of new strategies for customer management. 

Tourism contrasts with the “normal” consump:on of goods regarding the stages of con-

sump:on. The travel experiences omen happen in the pre and post-consump:on stages in 

addi:on to the actual trip. 

Since its founda:on, Airbnb has omen been considered a plaYorm providing “authen:c ac-

commoda:on” (Nieuwland & van Melik, 2018, p. 812), and its popularity among tourists 

comes in part from this belief. In fact, the poten:al for a more unique and authen:c local 

experience became the value proposi:on of P2P accommoda:on online plaYorms, includ-

ing Airbnb (Gu.entag et al., 2017). It has however been proven that the sustainable a.rib-

utes that made the popularity of Airbnb are not relevant anymore (Oskam, 2019). Cinar et 

al. argue that one of the main elements encouraging individuals to travel is their quest for 

authen:city, lacking in their everyday life (2022). That search for authen:c experiences 

means that tourists are more likely to experience authen:city through subjec:ve experi-

ences rather than viewed objects (Cinar et al., 2022). The authors argue that the quest for 
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authen:city begins in the pre-travel stage and that there is only a li.le literature on authen-

:city in the pre-travel phase. The search for authen:city made Airbnb popular due to its 

various lis:ngs in several European city centers. The variety of Airbnb lis:ngs also includes 

atypical forms of accommoda:on such as tree houses, glass bubbles, or even yurts, that 

would otherwise not be accessible to tourists without P2P. Derived from the previously 

stated research ques:on, a hypothesis is developed that can help us understand the rela-

:onship between the search for authen:c experiences and overtourism in Europe. NOUTUR 

(standing for New Perspec:ves for Tourism and Leisure) studying the impacts of P2P online 

plaYorms such as Airbnb on the ci:es they adver:se. NOUTUR concluded that tourists “take 

advantage of the iden::es of des:na:ons and their communi:es, and commodify them, 

without taking into account the needs of the inhabitants of the neighborhoods they adver-

:se”. The search for authen:city and local experience damages the ci:es in which P2P ac-

commoda:on is the most present. Consequently, such tourists contribute to further over-

crowding in already saturated tourist des:na:ons.  

The professionaliza:on of the hosts on P2P accommoda:on plaYorms contrasts with the 

perceived authen:city of such plaYorms. The phenomenon of mul:-lis:ngs in the same 

des:na:ons is not compa:ble with crea:ng a local and authen:c experience. Many of the 

hosts do not live in the apartment they rent as it is used only for short-term rental and not 

as a way of earning extra revenues from :me to :me. Most of the lis:ngs are also rented by 

companies in the business of P2P short-term rental. The perceived authen:city of those 

lis:ngs can be contested as they are considered as “quasi-hotels”, therefore not providing a 

more local experience than what hotels can provide. For example, research on P2P short-

term rentals has put forward the benefits of accessing a local resident host who can provide 

the guest with :ps and advice on local and authen:c restaurants or ac:vi:es (Gu.entag et 

al, 2017; Belarmino et al., 2019). However, it can be concluded that there isn’t much differ-

ence between the local :ps of a supposedly “local” host and those of a hotel concierge. This 

perceived authen:city can be explained in a combina:on of other different factors such as 

host-guest interac:ons and the co-crea:on of the experience. The rela:onship between 

guests and hosts in the P2P short-term rental sector has been the topic of much research. 

Belarmino et al. (2019) argue that guests in P2P emphasize their rela:onship with the hosts 

while hotel guests place more value on room a.ributes. 

The no:on of trust plays an important role in the host-guest rela:onship and in the authen-

:city perceived by guests booking a P2P lis:ng. Trust in the sharing economy is referred as 

“the willingness of a party to be vulnerable to the ac:ons of another party based on the 

expecta:on that the other will perform a par:cular ac:on important to the trustor, irre-

spec:ve of the ability to monitor or control that other party” (Mayer, Davis, & Schoorman, 

1995, p. 712). The trust in P2P accommoda:on is twofold: the user's trust towards 
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providers (hosts) and the user's trust towards the plaYorm (e.g. Airbnb). Pelgander et al. 

(2022) argue that user trust in providers is based on emo:onal traits while user trust in the 

plaYorm is based on func:onal components. It can be concluded that the provider and the 

plaYorm complement each other in ensuring the trust created for the guest. User trust can 

however be perceived as a weakness of P2P accommoda:on when it can’t be ensured. In 

contrast to relying upon an established formal enterprise associated with a familiar global 

brand, guests must entrust a (generally unlicensed) stranger with ensuring the quality, 

cleanliness, and security of their sleeping area (Gu.entag et al., 2017). However, it was 

shown with :me that it did not cons:tute an issue as the growth of P2P accommoda:on 

was phenomenal, and online short-term rental plaYorms became incredibly popular. 

H4: The perceived authenKcity of P2P accommodaKons leads to an increase in overtourism 

in European desKnaKons 

2.6. Research model 

Based on the literature review and on the hypotheses derived from the research ques:ons, 

the research model below has been created (Figure 7). The research model shows the po-

ten:al influence of the four selected independent variables on the dependent variable of 

this study. The next part of this study focuses on analyzing this rela:onship by the tes:ng 

and verifica:on of the derived hypotheses. 

FIGURE 7: RESEARCH MODEL 

Source: Author 
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3. METHODOLOGY 

This chapter of the paper emphasizes a thorough understanding of the applied research 

methods used to address the general objec:ve of this thesis, which is to determine how 

different characteris:cs of the P2P accommoda:on market and tourist behavior influence 

overtourism in European des:na:ons. This chapter provides a detailed explana:on of the 

selected data acquisi:on method, research approach, and methodology as the most suit-

able methods provide more precise research outcomes, resul:ng in more accurate and use-

ful results, predic:ons, and added value. The first part of this chapter provides general in-

forma:on regarding the selec:on of methodology and research design. It is followed by an 

explana:on of the process of variable selec:on and data collec:on. 

3.1. SelecRon of methodology 

The purpose of this chapter is to provide an overview of the research methods used in this 

paper in order to be.er understand them. The correct choice of methodology is crucial in 

research as the process of collec:ng informa:on, analyzing it, and drawing conclusions 

based on this collected data provides more accurate results and accomplishes the goal of 

the study. According to Creswell (2014), three different approaches can be used when con-

duc:ng research: a qualita:ve, quan:ta:ve, or mixed-methods approach. Qualita:ve re-

search involves collec:ng and analyzing non-numerical data to gain a deeper understanding 

of concepts, opinions, or experiences, whereas quan:ta:ve research involves collec:ng and 

analyzing numerical data for sta:s:cal analysis. The mixed-methods approach combines 

both quan:ta:ve and qualita:ve methods of collec:ng data.  

The most appropriate research method that can be used to address the research ques:ons 

of this paper is a quan:ta:ve secondary data analysis. A quan:ta:ve research method is 

the most efficient way of analyzing and quan:fying the specific variables related to the dif-

ferent characteris:cs of P2P accommoda:on related to overtourism (See Chapter 2.6. Re-

search model). Quan:ta:ve research focuses on the tes:ng of hypotheses by iden:fying 

sta:s:cal rela:onships between two or more variables (Hair et al., 2012). An explanatory 

research is conducted in order to provide a be.er understanding of the cause-and-effect 

rela:onship between the independent and dependent variables. In the proposed research 

model, the independent variables are the price, loca:on, variety, and perceived experience 

of P2P accommoda:on while the dependent variable is overtourism in European des:na-

:ons. Further details regarding the selected variables for this study are provided later in 

Chapter 3.3. Variable selec:on. 
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3.2. Research design  

An organized plan for conduc:ng research toward a defined goal is referred to as a research 

design (Kumar et al., 2019). This chapter presents the research design employed in the 

study to inves:gate the rela:onship between P2P short-term rental plaYorms and over-

tourism. The research ques:ons of the study guided the research design. The specific re-

search ques:ons were: 

1. How does the price of P2P accommoda:on relate to overtourism in Europe? 

2. How does the loca:on of P2P accommoda:on lis:ngs influence overtourism in 

Europe? 

3. How does the variety of P2P accommoda:on lis:ngs influence overtourism in 

Europe? 

4. How does the perceived authen:city of P2P accommoda:on influence over-

tourism in Europe? 

A quan:ta:ve research approach was adopted to examine the rela:onship between P2P 

short-term rental plaYorms and overtourism. By using this approach, numerical data could 

be collected and analyzed sta:s:cally to draw objec:ve conclusions. 

According to Fritz and Morgan, the process of sampling is used by researchers to examine a 

por:on or sample of a larger group of poten:al par:cipants for the purpose of making 

statements that are generalizable to the en:re group or popula:on (2010). The target popu-

la:on of this study is European ci:es. Due to limited available data, the sampling procedure 

consists of a selec:on of 29 European ci:es analyzed quarterly over a period of eight years, 

from approximately 2015 to 2023. The selected ci:es are located in various European coun-

tries in order to respect variety that will provide more accurate results of the impact of P2P 

short-term rentals in European ci:es. Only European tourism ci:es are considered in this 

study and not whole des:na:ons. Gaps in the quarterly data represent the lack of available 

informa:on for a specific city and :me period. Further limita:ons are discussed in Chapter 

5.3. Limita:ons.  

3.3. Variable selecRon 

The following chapter contains informa:on on the selec:on choice of the different variables 

of the study. Dependent and independent variables are variables in mathema:cal modeling, 

sta:s:cal modeling, and experimental sciences (Rutherford, 1994). The independent vari-

able is the variable the experimenter manipulates or changes and is assumed to directly 
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affect the dependent variable, while the dependent variable is the variable being tested and 

measured in an experiment and is “dependent” on the independent variable (Mcleod, 

2023). Of the two, it is always the dependent variable whose varia:on is being studied, by 

altering inputs, also known as regressors in a sta:s:cal context.  

3.3.1. Dependent variable 

In this subsec:on, we will focus on the dependent variable of the study, which is over-

tourism. Overtourism is a complex concept that encompasses various dimensions and indi-

cators. Different dimensions must be taken into account in order to opera:onalize over-

tourism, such as tourist density, infrastructure strain, environmental degrada:on, and socio-

cultural disrup:on, such as the residents’ percep:on of tourism in their local area. As over-

tourism can increase or decrease depending on various factors, it is the dependent variable 

of this study. 

However, in this study, a unidimensional approach is used to opera:onalize overtourism: 

tourist density. This dimension captures the overcrowding and conges:on experienced by 

residents and tourists in the des:na:on. It is measured with two dis:nct variables: the 

number of tourism bednights per inhabitant, and the number of tourism arrivals per inhabi-

tant. Two tourist density values are then gathered: the tourist density of bednights, and the 

tourist density of arrivals. To measure overtourism across this dimension, secondary data 

was used. The main secondary data source used is the TourMIS database, displaying infor-

ma:on on the number of bednights and arrivals for the selected ci:es.  

For more precision, the term "bednights" refers to the number of nights spent by guests in a 

par:cular accommoda:on facility, such as a hotel, resort, or guesthouse. Bednights are cal-

culated by mul:plying the number of occupied rooms by the number of nights stayed. The 

term “arrivals” refers to the number of visitors who arrive in a par:cular des:na:on, 

whether it be a country, city, or specific tourism site, during a specific period of :me. It rep-

resents the count of individuals who have completed their journey and have arrived at the 

des:na:on for tourism purposes. 

3.3.2. Independent variables 

In this subsec:on, we will focus on the independent variables of the study, which include 

price, loca:on, variety, and perceived authen:city of P2P short-term rentals. These vari-

ables are crucial in understanding the factors that contribute to overtourism and its rela-

:onship with the growing popularity of P2P accommoda:on plaYorms. 

• Price: Price refers to the cost of ren:ng a P2P short-term accommoda:on unit. 

It is an important factor that influences tourists' decision-making process and 
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has the poten:al to affect des:na:on choices and travel behaviors. In this 

study, the price of P2P rentals will be assessed based on the average rental rate 

per night  

• Loca:on: Loca:on represents the geographical posi:on of P2P short-term 

rentals within the des:na:on. It plays a significant role in a.rac:ng tourists, as 

it determines accessibility to tourist a.rac:ons, ameni:es, and transporta:on 

networks. Loca:on is measured through neighborhood density.  

• Variety: Variety refers to the range and diversity of P2P short-term rental op-

:ons available in a des:na:on. It encompasses different types of accommoda-

:ons, such as apartments, houses, villas, or unique proper:es, offering tourists 

a wide selec:on of choices. Variety is measured through the number of lis:ngs 

and the percentage of en:re accommoda:ons among the analyzed Airbnb list-

ings. 

• Perceived Authen:city: Perceived authen:city captures the extent to which P2P 

short-term rentals are perceived as providing an authen:c local experience for 

tourists. It reflects the authen:city and uniqueness of the accommoda:on and 

its alignment with the local culture, heritage, and community. In this study, per-

ceived authen:city is measured through the percentage of mul:-lis:ngs and 

the number of reviews. 

It is important to men:on that these four variables were chosen subjec:vely. They do not 

objec:vely represent the en:rety of the P2P accommoda:on factors that can have an im-

pact on overtourism.  

3.4. Data collecRon 

The data collected for this study is secondary, meaning that the data has already been col-

lected and is readily available from other sources. The data collected needs to be homoge-

neous for every selected variable as the rela:onship between the variables must be sys-

tema:c and temporal (Dudovskiy, 2016). The data collected mostly comes from two 

sources: Inside Airbnb for the independent variables and TourMIS for the dependent vari-

ables. The popula:on for each study comes from various sources, including TourMIS and 

na:onal sta:s:cal offices. 

The data collected related to the independent variables of this study has been gathered 

freely on Inside Airbnb data sets. Inside Airbnb is a website that provides access to data and 

visualiza:ons related to Airbnb lis:ngs in various ci:es around the world. It is an indepen-
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dent project that aims to promote transparency and facilitate the analysis of the impact of 

short-term rentals on housing markets and communi:es. Those data sets provide various 

and valuable informa:on over the last four quarters of each selected des:na:on. The data 

gathered from the pre-COVID-19 era also comes from Inside Airbnb data sets but is recov-

ered using the Wayback Machine as they are not accessible anymore on their website.  

The data collected and used to measure the dependent variable of this study as well as the 

general tourism informa:on regarding the selected des:na:ons has been collected on 

TourMIS, such as the quarterly bednights and arrivals. TourMIS stands for Tourism Man-

agement Informa:on System. This digital plaYorm is used to collect, store, analyze, and dis-

seminate tourism-related informa:on and data. The TourMIS system manages tourism in-

forma:on in a comprehensive and integrated way to support tourism decision-making pro-

cesses. 

The quarterly bednights and arrivals have been gathered in four different categories. The 

abbrevia:on “NAS” represents the number of bednights in all forms of paid accommoda:on 

in the greater city area, while the abbrevia:on “NA” represents the number of bednights in 

all forms of paid accommoda:on in the city area only. Similarly, the abbrevia:on “NGS” rep-

resents the number of bednights in hotels and similar establishments in the greater city 

area, while the abbrevia:on “NG” represents the number of bednights in hotels and similar 

establishments in the city area only. The same process is applied to the number of arrivals 

with the abbrevia:ons “AAS”, “AA”, “AGS”, and “AG”. The yearly popula:on has also been 

gathered according to two categories. The abbrevia:on “POP” represents the municipal 

popula:on of a city while the abbrevia:on “POPS” represents the popula:on in the greater 

city area. Every abbrevia:on is used with the corresponding one, meaning that if a variable 

for a city contains data related to the greater city area, then the corresponding variable con-

tains a similar type of data. 
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4. RESULTS AND DISCUSSION 

In this chapter, the results of the analysis are presented. Firstly, descrip:ve sta:s:cs are 

provided to give an overview and comparison between the two dimensions used to mea-

sure overtourism, the tourist density of bednights, and the tourist density of arrivals. The 

next part presents the linear regression model performed on the two data sets. It is fol-

lowed by the tes:ng of the presented hypotheses. Finally, this chapter concludes with a 

summary of the findings. 

4.1. DescripRve staRsRcs 

Descrip:ve sta:s:cs of the study were computed in Jamovi to have a rough overview of the 

two ways used to measure the dependent variable of this study, overtourism. The data was 

segmented by city, with one variable being the tourist density of bednights (Table 1), and 

the other being the tourist density of arrivals (Table 2). The results are summarized in the 

two tables below. 

Out of the selected ci:es, on average, Lisbon is the city with the highest tourist density with 

a mean of respec:vely 5.87 for the tourist density of bednights and 2.46 for the tourist den-

sity of arrivals. It is followed by Copenhagen with a tourist density of bednights of 5.57 and 

another Portuguese city, Porto, with a tourist density of arrivals of 2.13. It is due to the fact 

that these ci:es are rela:vely small regarding the number of tourists they welcome every 

year. By analyzing the standard devia:on of each table, it can be seen that Lisbon and 

Copenhagen are clear outliers in the tourist density of bednights’ data set as their standard 

devia:on are largely superior to the other selected ci:es with respec:ve values of 2.20 and 

1.43. These outliers have a high standard devia:on as they have more variability compared 

to the other ci:es. For example, the minimum tourist density of bednights for the city of 

Lisbon is 1.60 and its maximum is 7.82, showing a large variance over the quarters and 

years. Similarly, the minimum tourist density of bednights for the city of Copenhagen is 1.84 

and its maximum is 5.57. 

TABLE 1: DESCRIPTIVE STATISTICS OF TOURIST DENSITY OF BEDNIGHTS PER CITY 

Cities N Minimum Maximum Mean Median
Standard 

dev.

Amsterdam 11 1.05 2.32 1.75 1.90 .492

Antwerp 7 .359 1.30 .943 1.03 .324

Barcelona 10 1.40 3.70 2.74 2.91 .786

Berlin 8 .917 2.34 1.89 2.07 .482
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TABLE 2: DESCRIPTIVE STATISTICS OF TOURIST DENSITY OF ARRIVALS PER CITY 

Bologna 3 .983 1.00 .995 .999 .0112

Bordeaux 2 1.06 1.14 1.10 1.10 .0618

Brusels 5 1.28 1.55 1.42 1.44 .109

Copenhagen 6 1.84 5.57 3.58 3.75 1.43

Ghent 3 1.38 1.66 1.50 1.45 .147

Lisbon 6 1.60 7.82 5.87 6.50 2.20

Madrid 8 .823 1.60 1.37 1.43 .236

Malaga 1 .723 .723 .723 .723 NaN

Munich 5 2.17 3.42 2.70 2.66 .488

Oslo 4 1.46 2.30 1.82 1.76 .356

Paris 10 .759 1.18 1.04 1.09 .123

Prague 4 1.32 3.34 2.41 2.48 .865

Rotterdam 4 .739 1.02 .876 .872 .123

Seville 5 1.47 2.67 2.21 2.49 .510

Stockholm 5 .881 1.94 1.41 1.42 .411

The Hague 4 .756 1.41 1.06 1.04 .287

Valencia 4 1.43 2.08 1.73 1.71 .287

Vienna 6 .468 2.58 1.99 2.24 .782

Cities N Minimum Maximum Mean Median
Standard 

dev.

Amsterdam 11 .526 1.21 .873 .944 .244

Antwerp 7 .196 .679 .521 .594 .171

Barcelona 10 .718 1.57 1.22 1.30 .290

Berlin 8 .351 .969 .766 .809 .204

Bordeaux 2 .666 .722 .694 .694 .0394

Brusels 5 .683 .830 .733 .731 .0595

Ghent 3 .764 .870 .800 .766 .0608

Lisbon 6 .694 3.22 2.46 2.73 .901

Madrid 8 .410 .782 .671 .697 .112
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4.2. Linear regression 

The linear regression method analyzes and models the rela:onship between a dependent 

variable and an independent variable. It assumes that there is a linear rela:onship between 

the variables, meaning that the change in the dependent variable is directly propor:onal to 

the change in the independent variable. In order to make the data more suitable for our 

study, the natural logarithm of the “tourist density” variables was taken. It is used to make 

data conform more closely to assump:ons of normality.  

Three types of indicators, or dummy variables:  

• Ci:es: There are 22 ci:es selected in the tourist density of bednights data set and 19 

ci:es selected in the tourist density of arrivals data set. When looking at the model co-

efficients later on in the next chapters, Amsterdam always serves as the reference city. 

• Quarters: Q1 is the dummy variable for quarter one, Q2 is the dummy variable for quar-

ter two, Q3 is the dummy variable for quarter three, and Q4 is the dummy variable for 

quarter four. Regarding the model coefficients and the different indicators, Q1 serves as 

the reference for the other quarters 

• Years: The selected years range from 2015 to 2023, with 2015 always serving as the ref-

erence year. The only excep:on is regarding the influence of variety on overtourism 

with the neighborhood density variable as it uses a different data set with years ranging 

from 2021 to 2023. In that case, 2021 serves as the reference year. 

The next part of this study focuses on the tes:ng of hypotheses with a linear regression 

model. 

Munich 5 1.01 1.49 1.22 1.18 .178

Oslo 4 .845 1.23 1.02 1.00 .158

Paris 10 .380 .517 .478 .494 .0414

Porto 6 1.29 3.23 2.13 2.01 .743

Prague 3 .993 1.45 1.23 1.26 .228

Rotterdam 4 .444 .543 .494 .494 .0454

Seville 4 .694 1.23 1.06 1.16 .248

The Hague 4 .405 .686 .556 .566 .120

Valencia 4 .649 .792 .719 .717 .0632

Vienna 6 .200 1.17 .884 .972 .361
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4.3. Hypothesis tesRng 

In order to test the research hypotheses of this study, the coefficients of the linear regres-

sion model were considered. The results of all hypothesis tests are summarized in Table 19. 

The following chapters focus on the rela:onship between each of the selected independent 

variables including the price, loca:on, variety, and perceived authen:city on the dependent 

variable that is overtourism, measured with the natural logarithm of bednights and arrivals.  

4.3.1. Influence of Price on Overtourism (H1) 

This chapter focuses on the tes:ng of , which relates to the influence of price on over-

tourism. Below is an overview of the coefficients used in this chapter: 

• 𝛼 is the intercept - it is the value of the natural log of tourist density of bednights or ar-

rivals when the natural log of price is set to zero. 

•  is the natural logarithm of the average price of Airbnb lis:ngs related to the nat-

ural logarithm of the tourist density of bednights for des:na:on  during :me period . 

•  is the natural logarithm of the average price of Airbnb lis:ngs related to the nat-

ural logarithm of the tourist density of arrivals for des:na:on  during :me period . 

When compu:ng the price variable into the Jamovi somware, the assump:on of normality 

was not respected and the data did not follow a normal distribu:on. The natural logarithm 

of price was taken in order to test for significance. In order to check for assump:ons of the 

regression model, residual plots were created with the natural logarithm of price. The his-

togram of the residuals created showed a normal distribu:on with a few outliers. Using 

Cook’s distance to iden:fy influen:al observa:ons that may dispropor:onately affect the 

regression analysis, two rows of data were deleted in order to obtain more appropriate re-

gression coefficients. The  and adjusted  in the model fit measures (See Table 5) indi-

cate that the propor:on of variance in the natural logarithm of overtourism explained by 

the natural logarithm of price is a good fit for the selected model with respec:ve values of 

.941 and .919 for the bednights variable and .942 and .921 for the arrivals variable. Results 

of the F-test show that the model fit is sta:s:cally significant for both tourist density of 

bednights and arrivals with p = <.001 at alpha = .05. 

Looking at the model coefficients, the intercept 𝛼 = .242 for the tourist density of bednights 

and the intercept 𝛼 = .618 for the tourist density of arrivals is not sta:s:cally significant at 

alpha = .05. All three dummy variables for quarters are sta:s:cally significant with p-value = 

H1

L PBit

i t

L PAit

i t

R2 R2
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<.001 at alpha = .05, with Q1 as the reference. Regarding the tourist density of arrivals, the 

difference in price between Antwerp and Amsterdam is sta:s:cally significant with a p-val-

ue = <.001 at alpha = .05. The difference in the lis:ngs’ prices of the ci:es of Barcelona, Lis-

bon, Munich, Paris, Porto, Ro.erdam, and The Hague are also all sta:s:cally significant 

from Amsterdam with a p-value = <.001. In total, the lis:ngs’ price difference in 13 out of 18 

ci:es is sta:s:cally significant from the lis:ngs’ prices in Amsterdam. Regarding the tourist 

density of bednights, the difference in the lis:ngs’ prices of 17 out of the 21 selected ci:es 

is sta:s:cally significant from Amsterdam. A summary of the regression coefficients regard-

ing the effect of price on overtourism can be found in Appendix 1 and Appendix 2. 

 stated that the difference in price between P2P accommoda:on plaYorms and hotels 

would have a significant posi:ve impact on overtourism in Europe. The es:mated coeffi-

cient  = .480, p <.001, and  = .912, p <.001 indicates that the effect of price is not 

sta:s:cally significant at alpha = .05 (See Table 4). Therefore,  is not supported. 

TABLE 3: MODEL FIT MEASURES OF PRICE ON TOURIST DENSITY 

TABLE 4: MODEL COEFFICIENTS OF PRICE ON TOURIST DENSITY 

4.3.2. Influence of LocaRon on Overtourism (H2) 

This chapter focuses on the tes:ng of , which relates to the influence of neighborhood 

density on overtourism. Below is an overview of the coefficients used in this chapter: 

• 𝛼 is the intercept - it is the value of the natural log of tourist density of bednights or ar-

rivals when the neighborhood density variable is set to zero. 

H1

L PBit L PAit

H1

Model Fit Measures

Overall Model Test

Variable Model R R2
Adjusted 

R2 F df1 df2 p

Bednights 1 .970 .941 .919 43.1 32 86 <.001

Arrivals 2 .971 .942 .921 44.1 29 78 <.001

Model Coefficients - Natural log density of bednights & arrivals

Variable Predictor Estimate SE t p

Bednights
Log price

-.0900 .1267 -.710 .480

Arrivals -.0135 .1216 -.1113 .912

H2
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•  is the neighborhood density of Airbnb lis:ngs related to the natural logarithm of 

the tourist density of bednights for des:na:on  during :me period . 

•  is the neighborhood density of Airbnb lis:ngs related to the natural logarithm of 

the tourist density of arrivals for des:na:on  during :me period . 

When collec:ng data regarding the Airbnb lis:ngs, the neighborhoods variable was empty 

in some rows as it had to be calculated manually from each data set available on the Inside 

Airbnb website and could not be retrieved using the Wayback Machine. Therefore, the 

available data for this variable ranges from the year 2021 to 2023 as they are the only years 

with an available access to data sets depending on the city and the quarters. In order to an-

alyze this variable, a separate dataset had to be created only with the rows with available 

data on neighborhood density. In order to check for assump:ons of the regression model, 

residual plots were created with the natural logarithm of price. The histogram of the residu-

als created as well as the sca.erplot showed a normal distribu:on. The  and adjusted  

in the model fit measures (See Table 7) indicate that the propor:on of variance in the nat-

ural logarithm of overtourism explained by the percentage of neighborhood density is a 

good fit for the selected model with respec:ve values of .960 and .940 for the bednights 

variable and 0.962 and 0.944 for the arrivals variable. Results of the F-test show that the 

model fit is sta:s:cally significant for both tourist density of bednights and arrivals with p = 

<.001 at alpha = .05. 

Looking at the model coefficients, the intercept 𝛼 = .027 for the tourist density of bednights 

and the intercept 𝛼 = <.001 for the tourist density of arrivals is sta:s:cally significant at al-

pha = .05. All three dummy variables for quarters are sta:s:cally significant with p-value = 

<.001 at alpha = .05, with Q1 as the reference. Similarly, the two dummy variables for years 

are sta:s:cally significant with p-value = <.001 at alpha = .05, with 2021 as the reference. 

When looking at the regression coefficients of the difference in neighborhood density be-

tween the different ci:es, we can see that  The difference in neighborhood density is sta:s-

:cally significant for 14 out of the 20 selected ci:es with Amsterdam as the reference city 

regarding the tourist density of bednights and is sta:s:cally significant for 10 out of the 17 

selected ci:es with Amsterdam as the reference city regarding the tourist density of ar-

rivals. A summary of the regression coefficients regarding the effect of neighborhood densi-

ty on overtourism can be found in Appendix 3 and Appendix 4. 

 stated that the loca:on of P2P short-term rental lis:ngs would have a significant posi:ve 

impact on overtourism in Europe. The es:mated coefficient  = .476, p <.001 and  = 
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R2 R2
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.157, p <.001 indicates that the effect of clustered neighborhoods is not sta:s:cally signifi-

cant at alpha = .05 (See Table 6). Therefore,  is not supported. 

TABLE 5: MODEL FIT MEASURES OF NEIGHBORHOODS ON TOURIST DENSITY 

TABLE 6: MODEL COEFFICIENTS OF NEIGHBORHOODS ON TOURIST DENSITY 

4.3.3. Influence of Variety on Overtourism (H3) 

This chapter focuses on the tes:ng of , which relates to the influence of lis:ngs’ variety 

on overtourism. Below is an overview of the coefficients used in this chapter: 

• 𝛼 is the intercept - it is the value of the natural log of tourist density of bednights or ar-

rivals when the natural logarithm of lis:ngs or the en:re accommoda:on variable is set 

to zero, depending on which one is analyzed. 

•  is the natural logarithm of the number of Airbnb lis:ngs related to the natural 

logarithm of the tourist density of bednights for des:na:on  during :me period . 

•  is the natural logarithm of the number of Airbnb lis:ngs related to the natural 

logarithm of the tourist density of arrivals for des:na:on  during :me period . 

•  is the percentage of en:re accommoda:ons among Airbnb lis:ngs related to the 

natural logarithm of the tourist density of bednights for des:na:on  during :me period 

. 

H2

Model Fit Measures

Overall Model Test

Variable Model R R2
Adjusted 

R2 F df1 df2 p

Bednights 1 .980 .960 .940 48.4 26 53 <.001

Arrivals 2 .981 .962 .944 54.9 23 50 <.001

Model Coefficients - Natural log density of bednights & arrivals

Variable Predictor Estimate SE t p

Bednights
Neighborhoods

.7964 1.1098 .718 .476

Arrivals 1.51100 1.0512 1.4374 .157

H3
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•  is the percentage of en:re accommoda:ons among Airbnb lis:ngs related to the 

natural logarithm of the tourist density of arrivals for des:na:on  during :me period . 

The variety variable was analyzed using two indicators: the number of Airbnb lis:ngs and 

the percentage of en:re accommoda:ons among those lis:ngs. The number of lis:ngs can 

provide an indica:on of the variety or diversity of accommoda:on op:ons available in a 

given loca:on. A higher number of lis:ngs typically suggests a greater variety of choices in 

terms of property types, ameni:es, and styles of accommoda:on. Also, by examining the 

distribu:on of en:re accommoda:ons, the range of choices available to travelers can be 

assessed. 

When compu:ng the lis:ngs variable into the Jamovi somware and using the residual plots, 

the normality assump:ons were not respected and the data was not following a normal 

distribu:on. The natural logarithm of the lis:ngs variable was taken in order to con:nue 

with the linear regression model. The residuals plots and sca.erplot showed that the natur-

al logarithm of the number of lis:ngs was closer to the normality assump:ons. When ana-

lyzing the histogram of the residuals, the same outliers men:oned in the previous chapters 

were removed from the data set using Cook’s distance.  

Looking at the model coefficients, the intercept 𝛼 = .038 for the tourist density of bednights 

is sta:s:cally significant at alpha = .05, and the intercept 𝛼 = <.383 for the tourist density of 

arrivals is not sta:s:cally significant at alpha = .05. All three dummy variables for quarters 

are sta:s:cally significant with p-value = <.001 at alpha = .05, with Q1 as the reference. 

When looking at the regression coefficients of the difference in the number of lis:ngs be-

tween the different ci:es, we can see that 16 out of the 21 selected have a p-value superior 

to the alpha of .05 and is therefore sta:s:cally significant for the tourist density of bed-

nights. Regarding the difference in the number of lis:ngs related to the tourist density of 

arrivals, 13 out of the 18 selected ci:es are sta:s:cally significant to the reference city of 

Amsterdam. A summary of the regression coefficients regarding the effect of the number of 

lis:ngs on overtourism can be found in Appendix 5 and Appendix 6. 

 stated that the variety of P2P short-term rental lis:ngs would have a significant posi:ve 

effect on overtourism in Europe. The es:mated coefficient  = .089, p <.001 indicates 

that the effect of the number of lis:ngs is not sta:s:cally significant on the tourist density 

of bednights at alpha =.05. The es:mated coefficient  = .158, p <.001 indicates that 

the effect of variety is also not sta:s:cally significant on the tourist density of arrivals at 

alpha = .05 (See Table 8). 
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TABLE 7: MODEL FIT MEASURES OF LISTINGS ON TOURIST DENSITY 

TABLE 8: MODEL COEFFICIENTS OF LISTINGS ON TOURIST DENSITY 

The second indicator used to measure the variety variable is the percentage of en:re ac-

commoda:ons in the Airbnb lis:ngs analyzed. The data seemed to follow the normality as-

sump:ons and to be approximately normally distributed by looking at the residual plots and 

the sca.erplot. The same outliers men:oned previously have been deleted from the data 

set using Cook’s distance in order to perform the same analysis as for the previous vari-

ables.  

Looking at the model coefficients, the intercept 𝛼 = .049 for the tourist density of bednights 

is sta:s:cally significant at alpha = .05, and the intercept 𝛼 = .036 for the tourist density of 

arrivals is also sta:s:cally significant at alpha = .05. All three dummy variables for quarters 

are sta:s:cally significant for both the tourist density of bednights and arrivals, with Q1 as 

the reference. Only the difference in the percentage of en:re accommoda:on between the 

years 2019 and 2015 is sta:s:cally significant with a p-value = <.001 at alpha = .05. The dif-

ference in the percentage of accommoda:on between Amsterdam and 17 of the 21 select-

ed ci:es is sta:s:cally significant with a p-value superior to alpha = .05 for the tourist densi-

ty of bednights, and 17 of the 18 selected for the tourist density of arrivals. A summary of 

the regression coefficients regarding the effect of the percentage of en:re accommoda:on 

on overtourism can be found in Appendix 7 and Appendix 8. 

The es:mated coefficient  = .028, p <.001 indicates that the effect of en:re accommo-

da:on is sta:s:cally significant on the tourist density of bednights at alpha =.05. The es:-

mated coefficient  = .370, p <.001 indicates that the effect of en:re accommoda:on is 

Model Fit Measures

Overall Model Test

Variable Model R R2
Adjusted 

R2 F df1 df2 p

Bednights 1 .971 .943 .922 44.4 32 86 <.001

Arrivals 2 .972 .944 .923 45.3 29 78 <.001

Model Coefficients - Natural log density of bednights & arrivals

Variable Predictor Estimate SE t p

Bednights
Log listings

-.14467 .0842 -1.7176 .089

Arrivals -.11306 .0794 -1.4240 .158

E ABit

E AAit
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not sta:s:cally significant on the tourist density of arrivals at alpha = .05 (See Table 10). 

These results indicate that  is par:ally supported in rela:on to the effect of the percent-

age of en:re accommoda:on on the tourist density of bednights, but rejected in the three 

other tests. As the effect of variety on overtourism is not sta:s:cally significant,  is there-

fore rejected. 

TABLE 9: MODEL FIT MEASURES OF ENTIRE ACC. ON TOURIST DENSITY 

TABLE 10: MODEL COEFFICIENTS OF ENTIRE ACC. ON TOURIST DENSITY 

Amer analyzing the two indicators separately, the natural logarithm of lis:ngs and the per-

centage of accommoda:ons were analyzed together to test the effect of both indicators on 

the variety variable. The  and adjusted  in the model fit measures (See Table 11) indi-

cate that the propor:on of variance in the natural logarithm of overtourism explained by 

the natural logarithm of lis:ngs and the percentage of en:re accommoda:on is a good fit 

for the selected model with respec:ve values of .945 and .924 for the bednights variable 

and .945 and .924 for the arrivals variable. Results of the F-test show that the model fit is 

sta:s:cally significant for both tourist density of bednights and arrivals with p = <.001 at 

alpha = .05. A summary of the results is shown in Appendix 9 and Appendix 10. 

Looking at the model coefficients, the intercept 𝛼 = .144 for the tourist density of bednights 

is not sta:s:cally significant at alpha = .05, and the intercept 𝛼 = .692 for the tourist density 

of arrivals is also not sta:s:cally significant at alpha = .05. All three dummy variables for 

quarters are sta:s:cally significant for both the tourist density of bednights and arrivals, 

with Q1 as the reference. 

H3

H3

Model Fit Measures

Overall Model Test

Variable Model R R2
Adjusted 

R2 F df1 df2 p

Bednights 1 .972 .944 .923 45.5 32 86 <.001

Arrivals 2 .985 .969 .958 82.0 29 75 <.001

Model Coefficients - Natural log density of bednights & arrivals

Variable Predictor Estimate SE t p

Bednights
Entire acc.

.00454 .00203 2.2392 .028

Arrivals .00129 .00143 .901 .370

R2 R2
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With all regression coefficients superior to the alpha level (<.05) (See Table 12), it indicates 

that the effect of the correla:on between the two indicators and overtourism is not sta:s:-

cally significant. Therefore,  stays rejected. 

TABLE 11: MODEL FIT MEASURES OF LISTINGS AND ENTIRE ACC. ON TOURIST DENSITY 

TABLE 12: MODEL COEFFICIENTS OF LISTINGS AND ENTIRE ACC. ON TOURIST DENSITY 

4.3.4. Influence of Perceived AuthenRcity on Overtourism (H4) 

This chapter focuses on the tes:ng of , which relates to the influence of the perceived 

authen:city of Airbnb lis:ngs on overtourism. Below is an overview of the coefficients used 

in this chapter: 

• 𝛼 is the intercept - it is the value of the natural log of tourist density of bednights or ar-

rivals when the natural logarithm of reviews or the mul:-lis:ngs variable is set to zero, 

depending on which one is analyzed. 

•  is the natural logarithm of the number of reviews of Airbnb lis:ngs related to the 

natural logarithm of the tourist density of bednights for des:na:on  during :me period 

. 

•  is the natural logarithm of the number of reviews of Airbnb lis:ngs related to the 

natural logarithm of the tourist density of arrivals for des:na:on  during :me period . 

H3

Model Fit Measures

Overall Model Test

Variable Model R R2
Adjusted 

R2 F df1 df2 p

Bednights 1 .972 .945 .924 44.3 33 85 <.001

Arrivals 2 .972 .945 .924 44.2 30 77 <.001

Model Coefficients - Natural log density of bednights & arrivals

Variable Predictor Estimate SE t p

Bednights Log Listings -.10272 .08610 -1.1931 .236

Bednights Entire acc. .00388 .00210 1.8516 .068

Arrivals Log Listings -.08297 .08237 -1.0073 .317

Arrivals Entire acc. .00265 .00204 1.2989 .198

H4
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•  is the percentage of mul:-lis:ngs among Airbnb lis:ngs related to the natural 

logarithm of the tourist density of bednights for des:na:on  during :me period . 

•  is the percentage of mul:-lis:ngs among Airbnb lis:ngs related to the natural 

logarithm of the tourist density of arrivals for des:na:on  during :me period . 

The first indicator used to measure the perceived authen:city variable is the number of re-

views. The ra:onale for using the number of reviews as an indicator of a perceived authen-

:city is that a higher number of reviews generally suggests a larger pool of past guests who 

have shared their experiences and opinions about a par:cular lis:ng. As the data did not 

follow normality assump:ons, the natural logarithm of the number of reviews was taken. 

The natural logarithm of the number of reviews made the data more normally distributed 

and therefore the linear regression analysis was possible. The  and adjusted  in the 

model fit measures (See Table 13) indicate that the propor:on of variance in the natural 

logarithm of overtourism explained by the natural logarithm of reviews is a good fit for the 

selected model with respec:ve values of .950 and .931 for the bednights variable and .944 

and .923 for the arrivals variable. Results of the F-test show that the model fit is sta:s:cally 

significant for both tourist density of bednights and arrivals with p = <.001 at alpha = .05. A 

summary of the results is shown in Appendix 11 and Appendix 12. 

Looking at the regression coefficients, the intercept 𝛼 = .078 for the tourist density of bed-

nights is sta:s:cally significant at alpha = .05, and the intercept 𝛼 = .327 for the tourist den-

sity of arrivals is not sta:s:cally significant at alpha = .05. All three dummy variables for 

quarters are sta:s:cally significant for both the tourist density of bednights and arrivals, 

with Q1 as the reference. Looking at the regression coefficients regarding the difference 

between the selected, 16 out of the 21 selected ci:es have sta:s:cally significant results 

regarding the reference city of Amsterdam for the tourist density of bednights and 14 out of 

the 18 selected are sta:s:cally significant for the tourist density of arrivals at alpha = .05. 

 stated that the perceived authen:city of P2P accommoda:ons would have a significant 

posi:ve effect on overtourism in Europe. The es:mated coefficient  = .159, p <.001 

and  =.196, p <.001 indicates that the effect of the number of reviews on the tourist 

density of bednights and arrivals is not sta:s:cally significant at alpha = .05 (See Table 14). 

TABLE 13: MODEL FIT MEASURES OF REVIEWS ON TOURIST DENSITY 
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TABLE 14: MODEL COEFFICIENTS OF REVIEWS ON TOURIST DENSITY 

The second indicator used to measure the perceived authen:city variable is the percentage 

of mul:-lis:ngs. The ra:onale for using the percentage of mul:-lis:ngs as an indicator of 

perceived authen:city is that a higher percentage of mul:-lis:ngs equates to a loss of au-

then:city. Indeed, it was previously men:oned that P2P online plaYorms such as Airbnb 

were known for providing authen:c experiences to guests with a local host. Mul:-lis:ngs 

suggest that a host owns more than one lis:ng and that it is more likely that such hosts are 

professionals rather than simple locals ren:ng their accommoda:on for a small income sur-

plus. The data followed a rather normal distribu:on, and therefore the linear regression 

analysis was possible. The  and adjusted  in the model fit measures (See Table 15) indi-

cate that the propor:on of variance in the natural logarithm of overtourism explained by 

the percentage of mul:-lis:ngs is a good fit for the selected model with respec:ve values of 

.942 and .920 for the bednights variable and .945 and .924 for the arrivals variable. Results 

of the F-test show that the model fit is sta:s:cally significant for both tourist density of 

bednights and arrivals with p = <.001 at alpha = .05. A summary of the results is shown in 

Appendix 13 and Appendix 14. 

Looking at the model coefficients, the intercept 𝛼 = .005 for the tourist density of bednights 

is sta:s:cally significant at alpha = .05, and the intercept 𝛼 = .201 for the tourist density of 

arrivals is not sta:s:cally significant at alpha = .05. All three dummy variables for quarters 

are sta:s:cally significant for both the tourist density of bednights and arrivals, with Q1 as 

the reference. 

The es:mated coefficient  = .223, p <.001 and  = .064, p <.001 indicates that the 

effect of mul:-lis:ngs on the tourist density of bednights and arrivals is also not sta:s:cally 

significant at alpha = .05 (See Table 16). Due to the fact that both the reviews and the mul:-

Overall Model Test

Variable Model R R2
Adjusted 

R2 F df1 df2 p

Bednights 1 .975 .950 .931 48.8 32 82 <.001

Arrivals 2 .971 .944 .923 45.1 29 78 <.001

Model Coefficients - Natural log density of bednights & arrivals

Variable Predictor Estimate SE t p

Bednights
Log Reviews

-.14671 -.1032 -1.4221 .159

Arrivals -.1333 .1021 -1.3049 .196

R2 R2
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lis:ngs variable are not sta:s:cally significant, it can be concluded that  is not supported 

and that the effect of perceived authen:city on overtourism is not sta:s:cally significant. 

TABLE 15: MODEL FIT MEASURES OF MULTI-LISTINGS ON TOURIST DENSITY 

TABLE 16: MODEL COEFFICIENTS OF MULTI-LISTINGS ON TOURIST DENSITY 

Amer analyzing the two indicators separately, the natural logarithm of reviews and the per-

centage of mul:-lis:ngs were analyzed together to test the effect of both indicators on the 

perceived authen:city variable. The  and adjusted  in the model fit measures (See Ta-

ble 17) indicate that the propor:on of variance in the natural logarithm of overtourism ex-

plained by the natural logarithm of reviews and percentage of mul:-lis:ngs is a good fit for 

the selected model with respec:ve values of .951 and .930 for the bednights variable and 

.946 and .924 for the arrivals variable. Results of the F-test show that the model fit is sta:s-

:cally significant for both tourist density of bednights and arrivals with p = <.001 at alpha = 

.05. A summary of the results is shown in Appendix 15 and Appendix 16. 

Looking at the model coefficients, the intercept 𝛼 = .102 for the tourist density of bednights 

is not sta:s:cally significant at alpha = .05, and the intercept 𝛼 = .430 for the tourist density 

of arrivals is also not sta:s:cally significant at alpha = .05. All three dummy variables for 

quarters are sta:s:cally significant for both the tourist density of bednights and arrivals, 

with Q1 as the reference. 

With all regression coefficients superior to the alpha level (<.05) (See Table 18), it indicates 

that the effect of the correla:on between the two indicators and overtourism is not sta:s:-

cally significant. Therefore,  stays rejected. 

H4

Model Fit Measures

Overall Model Test

Variable Model R R2
Adjusted 

R2 F df1 df2 p

Bednights 1 .971 .942 .920 43.6 32 86 <.001

Arrivals 2 .972 .945 .924 46.2 29 78 <.001

Model Coefficients - Natural log density of bednights & arrivals

Variable Predictor Estimate SE t p

Bednights
Multi-listings

-.78851 .6428 -1.2268 .223

Arrivals -1.1400 .6075 -1.876 .064

R2 R2

H4
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TABLE 17: MODEL FIT MEASURES OF REVIEWS AND MULTI-LISTINGS ON TOURIST DENSITY 

TABLE 18: MODEL COEFFICIENTS OF REVIEWS AND MULTI-LISTINGS ON TOURIST DENSITY 

4.3.5. Results of Hypotheses TesRng 

Based on the results of this study, none of the selected hypotheses proved to be sta:s:cally 

significant, therefore, all hypotheses are rejected. 

TABLE 19: RESULTS OF HYPOTHESES TESTING 

4.4. Discussion of Findings 

In rela:on to the dependent variable overtourism, measured by the tourist density of bed-

nights and the tourist density of arrivals, none of the independent variables were sta:s:cal-

ly significant, based on the analysis of price, loca:on, variety, and perceived authen:city of 

P2P accommoda:on lis:ngs. 

Model Fit Measures

Overall Model Test

Variable Model R R2
Adjusted 

R2 F df1 df2 p

Bednights 1 .975 .951 .930 47.2 33 81 <.001

Arrivals 2 .972 .946 .924 44.6 30 77 <.001

Model Coefficients - Natural log density of bednights & arrivals

Variable Predictor Estimate SE t p

Bednights Log Reviews -.1276 .1056 -1.208 .230

Bednights Multi-listings -.5448 .6245 -.872 .386

Arrivals Log Reviews -.09893 .1032 -.9589 .341

Arrivals Multi-listings -1.01934 .6207 -1.6422 .105

H1: The difference in price between P2P accommodation and hotels has 
a significant positive effect on overtourism in Europe Not supported

H2: The location of P2P short-term rental listings has a significant 
positive effect on overtourism in Europe Not supported

H3: The variety of P2P short-term rental listings has a significant positive 
effect on overtourism in Europe Not supported

H4: The perceived authenticity of P2P accommodationshas a significant 
positive effect on overtourism in Europe Not supported
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The variable “price” did not demonstrate a significant impact on overtourism. This implies 

that varia:ons in the average price of the selected lis:ngs within the studied context did not 

have a discernable influence on the level of overtourism, measured by tourist density of 

bednights and arrivals. Similarly, the variable "loca:on" did not exhibit a significant rela:on-

ship with overtourism. This suggests that the “neighborhood density” indicator did not have 

a substan:al impact on the level of overtourism. The variable "variety" also did not yield 

sta:s:cally significant results. This indicates that the diversity or range of P2P accommoda-

:on op:ons available within the study measured with the number of lis:ngs and percent-

age of en:re accommoda:on variables did not have a no:ceable effect on overtourism.  

However, is worth men:oning that the effect of the percentage of en:re accommoda:on is 

sta:s:cally significant on the tourist density of bednights. Lastly, the variable "perceived 

authen:city" did not show significant results. This implies that the number of reviews and 

the percentage of mul:-lis:ngs of P2P accommoda:on did not play a significant role in in-

fluencing the level of overtourism. A sta:s:cally significant rela:onship was not observed 

between any of the examined independent variables (price, loca:on, variety, and perceived 

authen:city) and overtourism, as measured by tourist density metrics. According to these 

findings, other factors outside the scope of this study may be more influen:al in driving 

overtourism. The results of this study can poten:ally be explained due to a few factors: 

• Sample size: The sample size was rela:vely small to efficiently assess the impact of P2P 

short-term rentals on overtourism, therefore resul:ng in limited sta:s:cal power. Al-

though significant rela:onships between variables can exist, it is more challenging to 

detect them with a small sample. 

• Range of indicators: The four variables measured are complex and relying on only one 

or two indicators is insufficient to fully measure those variables. Relying on only one or 

two indicators may oversimplify or overlook important aspects of the variable being 

measured.  

• Outliers: When conduc:ng the analysis before removing the different outliers that were 

men:oned in the previous chapters, some of the analyzed variables were significant at 

alpha =.05. Removing the outliers increased the p-value of almost all indicators, making 

them not significant.  

• Time period: Most of the data collected for the study relates to the post-COVID-19 pan-

demic. As the COVID-19 pandemic completely changed the tourism and hospitality sec-

tor, P2P accommoda:on also suffered from the consequences of these years when the 

tourism industry was at its lowest point. Therefore, the data collected for this study 

might not be relevant for the pre-pandemic years, and the results of the study might 

just apply to the last few years amer the beginning of the pandemic. 
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5. CONCLUSION 

Amer providing the results of the study in the previous chapters, this chapter aims at con-

cluding this thesis by comparing the results of the analysis with the exis:ng literature on the 

topic. Therefore, the research objec:ve, the research ques:ons, and the selected hypothe-

ses are summarized in order to introduce further research on the topic. The limita:ons of 

this study are also discussed. 

5.1. Summary 

The research objec:ve of this thesis was to determine how different characteris:cs of the 

P2P accommoda:on market and tourist behavior influence overtourism in European ci:es. 

Based on the exis:ng literature, four different characteris:cs of the P2P accommoda:on 

market and tourist behavior were chosen to be analyzed, respec:vely the price, loca:on, 

variety, and perceived authen:city of Airbnb lis:ngs. It was later shown that none of these 

variables were sta:s:cally significant and that none of them had a posi:ve effect on over-

tourism in the selected ci:es. Based on these characteris:cs, four research ques:ons were 

developed. 

The first research ques:on was “How does the price of P2P accommoda:on relate to over-

tourism in Europe?” Price plays an important role in the tourists’ decision-making process 

regarding the choice of accommoda:on. Several studies showed that the prices of P2P 

short-term rentals are omen lower than those of hotels (Mar:n-Fuentes et al., 2019; Gut-

tentag, 2015). Gu.entag et al. (2017) iden:fied the category of tourists staying in P2P ac-

commoda:on lis:ngs rather than hotels for its low costs as the “Money Savers”. However, it 

was shown that P2P short-term rentals are not always cheaper than hotels, mostly depend-

ing on the unit’s capacity. An Airbnb property is on average cheaper to rent for 6 people 

than 3 hotel rooms fitng two people each, whereas a hotel room is on average cheaper to 

rent for two people than an Airbnb (French & Kemmis, 2023). The results of the study 

showed that the average price of Airbnb lis:ngs had no sta:s:cal significance on over-

tourism in the selected ci:es. As men:oned previously, this result can be explained by a few 

factors. When looking at the data sets, this result can be explained due to the fact that the 

prices of Airbnb lis:ngs have increased exponen:ally over the last few years. Therefore, the 

argument sta:ng that the popularity of Airbnb compared to hotels came from its low prices 

may be outdated. 

The second research ques:on was “How does the loca:on of P2P accommoda:on lis:ngs 

influence overtourism in Europe?” Loca:on was also found to play an important role in the 

tourists’ decision-making process regarding their choice of accommoda:on. It was shown 
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that the loca:on of P2P short-term rentals can omen be concentrated in popular tourist ar-

eas such as city centers, which can contribute to overcrowding (Slee, 2015). The study used 

a neighborhood density indicator to measure the loca:on variable by taking the lis:ngs in 

the three most popular neighborhoods for each selected city and comparing them to the 

whole city. The results showed that there was no sta:s:cal significance between the neigh-

borhood density and an increased overtourism in the selected ci:es. This can be explained 

by the fact that Airbnb lis:ngs, although located in many city centers, are also located in a 

lot of residen:al areas. Gu.entag (2017), argues that the mo:va:on of travelers to book 

P2P short-term rentals due to their loca:on can be seen as unexpected as P2P lis:ngs tend 

to be located in residen:al neighborhoods rather than clustered in city centers like hotels, 

and that loca:on should therefore represent more of a drawback than a reason to choose 

it. 

The third research ques:on was “How does the variety of P2P accommoda:on lis:ngs in-

fluence overtourism in Europe?” The variety of P2P rentals was also found to be an impor-

tant mo:vator for some travelers when booking their accommoda:ons. Those travelers are 

regarded as variety-seeking consumers (Kahn & Louie, 1990). This behavior can be applied 

to the decision-making of tourists while looking for accommoda:on if they would rather 

choose a different type of accommoda:on every :me they travel than always stay with the 

same type of accommoda:on. For those travelers, Airbnb offers more variety than hotels. In 

this study, the variety variable was measured using the number of lis:ngs, and the percent-

age of en:re accommoda:on among those lis:ngs. The results of the study showed that 

the rela:onship between variety and overtourism was sta:s:cally not significant with the 

selected indicators. More indicators could have provided more accurate results. Those indi-

cators could have been the lis:ngs’ ameni:es, comparing the differences between those 

ameni:es and those of hotels, a geographical distribu:on of lis:ngs to analyze the variety 

of loca:ons, etc. 

The fourth research ques:on was “How does the perceived authen:city of P2P accommo-

da:on influence overtourism in Europe?” Airbnb has long been perceived as a plaYorm 

providing authen:c experiences (Nieuwland & van Melik, 2018, p. 812), and the poten:al 

for a more unique and authen:c local experience became the value proposi:on of P2P ac-

commoda:on online plaYorms, including Airbnb (Gu.entag et al., 2017). However, accord-

ing to Oskam (2019), the sustainable a.ributes that made the popularity of Airbnb are no 

longer relevant. In this study, the perceived authen:city of Airbnb lis:ngs was measured 

with the number of reviews and the percentage of mul:-lis:ngs. The results showed that 

the rela:onship between perceived authen:city and an increased overtourism was sta:s:-

cally not significant with the selected indicators. As men:oned previously, the a.ributes 

that made Airbnb perceived as authen:c are not as relevant nowadays as they were before. 
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5.2. ImplicaRons for relevant stakeholders 

One of the main goals of this paper was to understand how P2P accommoda:on could lead 

to an increase in overtourism in European ci:es. The findings obtained through this inves:-

ga:on could poten:ally benefit different stakeholders involved in des:na:on management 

such as des:na:on management organiza:ons. Based on these findings, or on more accu-

rate findings coming from further research, decisions can be taken to limit the impact of 

P2P accommoda:on if needed, or on the contrary, these findings could be used to explain 

that overtourism may not necessarily be increased by the rise of P2P accommoda:on plat-

forms. 

5.3. Future Research & LimitaRons 

Con:nuing with the subject of this thesis, future research can be conducted using different 

variables and indicators than those used to conduct this study. For example, the over-

tourism variable was only measured with a single dimension, tourist density, whereas it 

could be interes:ng to look at the other indicators men:oned earlier such as the resident’s 

percep:on. A combina:on of mul:ple indicators could provide be.er results regarding the 

rela:onship between P2P short-term rental plaYorms and overtourism in European ci:es. 

Also, this study focused exclusively on the Airbnb plaYorm. It could be interes:ng if further 

research would focus on other plaYorms that are specialized in P2P short-term rentals to 

compare these providers and Airbnb directly. Such plaYorms could be Booking.com, Expe-

dia, or HomeAway. Another axis for future research could be the focus on single European 

ci:es or des:na:ons with an in-depth analysis of the P2P accommoda:on market with sev-

eral variables and several indicators per variable. Using a wide range of ci:es only allowed 

scrapping the surface of this topic and not conduc:ng an analysis using every P2P accom-

moda:on factor that could influence overtourism. 

It is essen:al to acknowledge certain limita:ons associated with this study. Firstly, over-

tourism is a complex phenomenon and there are s:ll some debates among researchers as 

to the nature of the indicators used to measure this phenomenon. Choosing the right di-

mensions and indicators is a subjec:ve process and can vary depending on the nature of 

the research. Therefore, measuring overtourism with a single dimension can lead to misin-

terpreta:ons and a failure to capture the full complexity and nuances of this phenomenon. 

It can lead to a wrong generaliza:on of the results and an oversimplified understanding of 

the issue. This limita:on can be extended to the indicators and variables used to measure 

the four independent variables of the study. As men:oned previously, only using a few indi-

cators to capture the complexity of each variable may be insufficient and provide results 

that may not be generalizable to the en:rety of the variables. 
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Furthermore, one of the major limita:ons of this study is the lack of available data regard-

ing the different features of P2P short-term rental plaYorms over the years and related to 

different ci:es. One of the first goals of this study was to use a few numbers of selected 

ci:es and to analyze the growth of Airbnb in those ci:es over a larger period of :me 

(~10-15 years). Amer researching for available secondary data, this goal had to be changed 

as there was no available data for that :me period, with Inside Airbnb only sharing data for 

the last four quarters (June 2022 to March 2023). This low availability of data clearly repre-

sents one of the main limita:ons of this study as the results that were found may have dif-

fered if the data sets used included more data. The absence of relevant data limited the 

scope and depth of the study and led to gaps in the findings. 

The COVID-19 pandemic might have also caused some limita:ons in this study. Indeed, this 

pandemic represents a significant external factor that can influence the findings and inter-

preta:ons of the results. The pandemic disrupted travel pa.erns, impacted tourist behavior, 

and shimed P2P accommoda:on markets. The study's conclusions may not be applicable to 

non-pandemic condi:ons, since the data collected during and amer the pandemic may not 

accurately reflect pre-pandemic trends and dynamics. Therefore, future research should 

focus on finding available and relevant data for the pre-pandemic period in order to obtain 

more accurate results. 

Finally, it is important to denote the difference between P2P accommoda:on and P2P ac-

commoda:on plaYorms like Airbnb. Indeed, the focus on this thesis was the impact of P2P 

accommoda:on on overtourism. However, the data collected regarding P2P accommoda-

:ons was only gathered on Airbnb lis:ngs. Lis:ngs that are on Airbnb are not only P2P, 

some of them are also professional businesses, therefore they are not technically a part of 

this thesis’ topic. Moreover, Airbnb does not regroup the en:rety of all P2P accommoda:on 

lis:ngs in the selected ci:es and does not consitute the only reference in terms of P2P ac-

commoda:on online plaYorm, but more of an indica:on of the overall trend in the ci:es 

studied. The results of this thesis therefore contain lis:ngs that do not take part in the shar-

ing economy and P2P accommoda:on phenomenon. Further research could inves:gate this 

limita:on in depth and only focus on lis:ngs that are part of the P2P accommoda:on rental, 

but also inves:gate more P2P online plaYorms to analyze and compare the results. 
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